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Chapter 1

Exercises related to modern portfolio
theory

1.1

1.

Markowitz optimized portfolios

The weights of the minimum variance portfolio are: 23 = 3.05%, x5 =
3.05% and z3 = 93.89%. We have o (z*) = 4.94%.

We have to solve a o-problem (TR-RPB, page 5). The optimal value of
¢ is 49.99 and the optimized portfolio is: 27 = 6.11%, a3 = 6.11% and
x% = 87.79%.

If the ex-ante volatility is equal to 10%, the optimal value of ¢ becomes
4.49 and the optimized portfolio is: 7 = 37.03%, x5 = 37.03% and
x5 = 25.94%.

. We notice that 7 = z3. This is normal because the first and second as-

sets present the same characteristics in terms of expected return, volatil-
ity and correlation with the third asset.

(a) We obtain the following results:

i| MV o(z)=5% o(x)=10%

1 8.00% 8.00% 37.03%

2| 0.64% 3.66% 37.03%

3 191.36% 88.34% 25.94%
o] +oo  TBI9 449

For the MV portfolio, we have o (z*) = 4.98%.

(b) We consider the y-formulation (TR-RPB, page 7). The correspond-
ing dual program is (TR-RPB, page 302):

1 _ _
A= argminix\TQ/\—/\TR

uc. A>0
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with! Q@ = S218T, R=~8S "ty —T, y= ¢ 1,

-1 0 0 —8%

1 1 1 1

-1 -1 -1 1

S = 1 0 0 and T = 0
0 -1 0 0

0 0 -1 0

¥ is the Lagrange coefficient associated to the 8% minimum ex-

posure for the first asset (7 > 8% in the primal program and
first row of the S matrix in the dual program). max (A}, \}) is the
Lagrange coefficient associated to the fully invested portfolio con-
straint (Zle x; = 100% in the primal program and second and
third rows of the S matrix in the dual program). Finally, the La-
grange coefficients A}, A5 and A} are associated to the positivity
constraints of the weights x1, zo and z3.

(c) We have to solve the previous quadratic programming problem by
considering the value of ¢ corresponding to the results of Question
5(a). We obtain A} = 0.0828% for the minimum variance port-
folio, A\ = 0.0488% for the optimized portfolio with a 5% ex-ante
volatility and A7 = 0 for the optimized portfolio with a 10% ex-ante
volatility.

(d) We verify that the Lagrange coefficient is zero for the optimized
portfolio with a 10% ex-ante volatility, because the constraint
x1 > 8% is not reached. The cost of this constraint is larger for
the minimum variance portfolio. Indeed, a relaxation e of this
constraint permits to reduce the variance by a factor equal to
2-0.0828% - .

6. If we solve the minimum variance problem with z; > 20%, we obtain
a portfolio which has an ex-ante volatility equal to 5.46%. There isn’t
a portfolio whose volatility is smaller than this lower bound. We know
that the constraints x; > 0 are not reached for the minimum variance
problem regardless of the constraint x1 > 20%. Let £ be the lower bound
of z1. Because of the previous results, we have 0% < £ < 20%. We would
like to find the minimum variance portfolio z* such that the constraint
x1 > & is reached and o (z*) = 0* = 5%. In this case, the optimization
problem with three variables reduces to a minimum variance problem
with two variables with the constraint zo + x3 = 1 — £ because x7 = £.
We then have:

T 2 2 2 2
T Xr = X505 + 2x2T3p230203 + T303 +

52‘7% + 2xop1,200102 + 28x3p1 30103

1We recall that p and ¥ are the vector of expected returns and the covariance matrix of
asset returns.
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The objective function becomes:
¢S = (1-&—u3)" 03 +2(1 — € — w3) w3p230205 + €303 +
§%07 + 26 (1 — € — a3) p1,20102 + 28T3p1,30103
= x% (0% — 2p2.30203 + 032)) +
223 (1 =€) (p2,30203 — 03) — £p1,20102 + Ep130103) +
(1-¢&)% 0} +E%07 +26(1-€) P1,20102
We deduce that:
Ox' Sz (1 =€) (03 — p2,30203) + E01 (1,202 — p1,303)

=0& ) =
al'g 3 0% 72p2730203+0§
The minimum variance portfolio is then:
vt =¢
s=a—(a+c)§
25=b—(b—c)¢
with a = (crg — p2730203) /d, b = (U% - p2730203) /d, ¢ =

o1 (p1,202 — p1,303) /d and d = 03 — 2pa 30903 + 02. We also have:
o?(z) = a0} +a30% +x202 + 2r122p1,20102 + 221X301,30103 +
222x302,30203
— ot (a—(a+ 8 o3+ (b (b— )& od+
26 (a—(a+c)§) £1,20102 +
26(b—(b—c)§) p130103 +
2(a—(a+c)&) (b= (b—c)§) p2,30203

We deduce that the optimal value £* such that o (z*) = o* satisfies the
polynomial equation of the second degree:

af? + 283 + (7—0*2) =0

with:
a = o2+ (a+6)’02+ (b—c) 02 —2(a+c)pr0102—
2 (b — C) £1,30103 + 2 (a + C) (b — C) 02,30203
B = —a(a+c)os —b(b—c)o?+api 20109+ bp130105—
(a(b—c)+b(a+c))p23z0203
vy o= a%’% + b20'§ + 2abp2,30203

By using the numerical values, the solutions of the quadratic equation
are & = 9.09207% and & = —2.98520%. The optimal solution is then
£ = 9.09207%. In order to check this result, we report in Figure 1.1
the volatility of the minimum variance portfolio when we impose the
constraint z; > x7 . We verify that the volatility is larger than 5% when
T > f*'
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FIGURE 1.1: Volatility of the minimum variance portfolio (in %)

1.2 Variations on the efficient frontier

1. We deduce that the covariance matrix is:

2.250 0.300 1.500 2.250
| 0.300 4.000 3.500 2.400 o
X = 1.500 3.500 6.250 6.000 |~ 10

2.250 2.400 6.000 9.000

We then have to solve the y-formulation of the Markowitz problem (TR-
RPB, page 7). We obtain the results® given in Table 1.1. We represent
the efficient frontier in Figure 1.2.

2. We solve the y-problem with v = 0. The minimum variance portfolio is
then 2t = 72.74%, x5 = 49.46%, x5 = —20.45% and =} = —1.75%. We
deduce that p(2z*) = 4.86% and o (z*) = 12.00%.

3. There is no solution when the target volatility o* is equal to 10% because
the minimum variance portfolio has a volatility larger than 10%. Finding

2The weights, expected returns and volatilities are expressed in %.
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TABLE 1.1: Solution of Question 1

v —1.00 —050 —025 0.00 0.25 0.50 1.00 2.00
a} 94.04 8339 7807 7274 6742 6209 51.44 30.15
3 120.05 84.76  67.11  49.46  31.82 1417 —21.13  —91.72
zf | —185.79 —103.12 —61.79 —20.45  20.88  62.21 144.88  310.22
) 71.69 34.97 1661 —1.75 —20.12 —3848 —75.20 —148.65

| p(@) ]~ 1847 7 7310 T 398~ 486 574 T 662 838  11.90 |
o (z*) 22.27 1523  12.88  12.00  12.88 1523  22.27 39.39

Expected return (in %)
D

O ! | ! | ! | ! | ! | ! |
10 15 20 25 30 35 40

Volatility (in %)

FIGURE 1.2: Markowitz efficient frontier

the optimized portfolio for o* = 15% or o* = 20% is equivalent to
solving a o-problem (TR-RPB, page 5). If 0* = 15% (resp. o* = 20%),
we obtain an implied value of v equal to 0.48 (resp. 0.85). Results are
given in the following Table:

o 15.00  20.00
% 6252  54.57
b 1558 —10.75
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. Let (% be the portfolio defined by the relationship z(®) = (1 — ) (M) +
az® where (1) is the minium variance portfolio and z(® is the opti-
mized portfolio with a 20% ex-ante volatility. We obtain the following
results:

o [0 (@) u(=®)

—0.50 | 1442 3.36

—025 | 1264 411
0.00 | 1200  4.86
0.10 | 1210  5.16
0.20 | 1241 546
0.50 | 1442  6.36
0.70 | 1641  6.97
1.00 | 2000  7.87

We have reported these portfolios in Figure 1.3. We notice that they
are located on the efficient frontier. This is perfectly normal because
we know that a combination of two optimal portfolios corresponds to
another optimal portfolio.

Expected return (in %)

Volatility (in %)

FIGURE 1.3: Mean-variance diagram of portfolios z(®)
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5. If we consider the constraint 0 < x; < 1, we obtain the following results:

6.

(a)

o* MV 12.00 15.00 20.00
x3 65.49 v 45.59 24.88
x5 34.51 v 24.74  4.96
x5 0.00 v 29.67 70.15
x} 0.00 v 0.00  0.00
Cp(z*) | 535 v 614  7.15 |
o(x*) | 12.56 v 15.00 20.00
0% 0.00 v 0.62 1.10
We have:
5.0
6.0
p=1| 80 [ x1072
6.0
3.0
and:

2.250 0.300 1.500 2.250 0.000
0.300 4.000 3.500 2.400 0.000
Y= 1.500 3.500 6.250 6.000 0.000 | x 1072
2.250 2.400 6.000 9.000 0.000
0.000 0.000 0.000 0.000 0.000

We solve the «-problem and obtain the efficient frontier given in
Figure 1.4.

This efficient frontier is a straight line. This line passes through the
risk-free asset and is tangent to the efficient frontier of Figure 1.2.
This exercise is a direct application of the Separation Theorem of
Tobin.

We consider two optimized portfolios of this efficient frontier. They
corresponds to v = 0.25 and v = 0.50. We obtain the following
results:

~ 025 0.50
3 18.23 36.46
@5 | -1.63 —3.26
x5 34.71 69.42
x} —18.93 —37.86
ar | 6762 3524
pu(x*) | 448 597 |
o (z*) 6.09 12.18

The first portfolio has an expected return equal to 4.48% and a
volatility equal to 6.09%. The weight of the risk-free asset is 67.62%.



Expected return (in %)
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0 5 10 15 20 25 30 35 40
Volatility (in %)

FIGURE 1.4: Efficient frontier when the risk-free asset is introduced

This explains the low volatility of this portfolio. For the second
portfolio, the weight of the risk-free asset is lower and equal to
35.24%. The expected return and the volatility are then equal to
5.97% and 12.18%. We note (V) and 2 these two portfolios.
By definition, the Sharpe ratio of the market portfolio z* is the
tangency of the line. We deduce that:

p(@®) —p (=)
o (z®?) — o (M)
5.97 — 4.48

12.18 - 6.09
= 0.2436

SR(z*|r) =

The Sharpe ratio of the market portfolio * is then equal to 0.2436.

By construction, every portfolio z(®) which belongs to the tangency
line is a linear combination of two portfolios () and z(?) of this
efficient frontier:

@ =1 -a)z® + az®

The market portfolio 2* is the portfolio z(®) which has a zero weight
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in the risk-free asset. We deduce that the value o* which corre-
sponds to the market portfolio satisfies the following relationship:

(1—a*) xél) + a*x(52) =0

because the risk-free asset is the fifth asset of the portfolio. It follows
that:
o
mél) _ xéz)
67.62

67.62 — 35.24
= 2.09

We deduce that the market portfolio is:

18.23 36.46 56.30
~1.63 —3.26 —5.04

2" =(1-209)-| 3471 [+2.09-| 6942 | =| 107.21
~18.93 —37.86 —58.46

67.62 35.24 0.00

We check that the Sharpe ratio of this portfolio is 0.2436.

(a) We have:

and:

(b) This problem is entirely solved in TR-RPB on page 13.

1.3 Sharpe ratio
1. (a) We have (TR-RPB, page 12):

SR, =T

g

(b) We have:

Tipy + Tope — T
SR(z|r)= — —
\/95101 + 2x1T2p0102 + T505
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If the second asset corresponds to the risk-free asset, its volatility
oo and its correlation p with the first asset are equal to zero. We
deduce that:

T+ (1 —@)r—r
ziof
z1 (g1 — )
|z1| o1

sgn (z1) - SRy

SR (x| r)

We finally obtain that:

—SR;
+ SR,

ifz1 <0
ifzy >0

SR(x|r):{

Let R (x) be the return of the portfolio z. We have:

E[R ()] = Zn‘lm =n"! Zﬂi

and:

SR (x| r)

because r =n"t Y " 7.
Another expression of the Sharpe ratio is:

n

(pi—1)

SR (x| r)

4

with:
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(d)

(c)
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Because 0 < 0; < /37, 07, we deduce that:

O<w; <1

We obtain the following results:

w1 w2 w3 Wy ws Y wi | SR(z|7)
Ay | 385% 38.5% 57.7% 192% 57.7% 211.7% 0.828
Az | 25.5% 25.5% 341% 17.0% 85.1% 187.3% 0.856

It may be surprising that the portfolio based on the set A5 has a
larger Sharpe ratio than the portfolio based on the set A;, because
four assets of Ay are all dominated by the assets of A;. Only the
fifth asset of As has a higher Sharpe ratio. However, we easily
understand this result if we consider the previous decomposition.
Indeed, this fifth asset has a higher volatility than the other assets.
It follows that its contribution ws to the Sharpe ratio is then much
greater.

We have:

Z (n=1o)? +2 Z p(n—1o)’

i=1 i>j
= oyp+nt(1-p)

We deduce that the Sharpe ratio is:

Ty i T

ovp+n~t(1l-p)

o (R (z))

SR(z|r)=

It follows that:

SR(z|r) = ! pry )

with:

One seeks n such that:
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We deduce that:

n* = w2 1— P
1 — pw?
If p = 50% and w = 1.25, we obtain:
1-0.5
= 125 —
" 1205125
= 3.57

Four assets are sufficient to improve the Sharpe ratio by a factor
of 25%.

We notice that:

1 1
= < —
Votn Ti-p) Vb

If p = 80%, then w < 1.12. We cannot improve the Sharpe ratio
by 25% when the correlation is equal to 80%.

w

The most important parameter is the correlation p. The lower this
correlation, the larger the increase of the Sharpe ratio. If the cor-
relation is high, the gain in terms of Sharpe ratio is negligible. For
instance, if p > 80%, the gain cannot exceed 12%.

Let RY (z) be the gross performance of the portfolio. We note m
and p the management and performance fees. The net performance
R™ (x) is equal to:

R" (z) = (RY (x) —m) — p(RY (x) — m — Libor) _
If we assume that R (z) — m — Libor > 0, we obtain:
R'(z) = (RY(z)—m)—p(R(x) —m — Libor)
= (1-p)(RY(xz)—m)+ pLibor
We deduce that:

(R"™ (z) — pLibor)

RI(z)=m+ -

Using the numerical values, we obtain:

(Libor +4% — 10% - Libor)
(1—-10%)
= Libor +544 bps

RI(z) = 1%+

Moreover, if we assume that the performance fees have little in-
fluence on the volatility of the portfolio®, the Sharpe ratio of the

3This is not true in practice.
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hedge funds portfolio is equal to:
Libor 4544 bps — Libor

SR(z|r) = 0

= 1.36

We obtain the following results:

p
0.00 0.10 0.20 0.30 0.50 0.75 0.90
n=101]316 229 189 164 135 1.14 1.05
n=20|447 263 204 173 138 1.15 1.05
n=30|548 277 210 1.76 1.39 1.15 1.05
n=2>50|707 291 215 1.78 140 1.15 1.05

+o0o | 4+oo 3.16 224 1.83 141 1.15 1.05

This means for instance that if the correlation among the hedge
funds is equal to 20%, the Sharpe ratio of a portfolio of 30 hedge
funds is multiplied by a factor of 2.10 with respect to the average
Sharpe ratio.

If we assume that the average Sharpe ratio of single hedge funds is
0.5 and if we target a Sharpe ratio equal to 1.36 gross of fees, the
multiplication factor w must satisfy the following inequality:

w SR (x| r)
~ nT' L SRy
136
~ 050
= 2.72

It is then not possible to achieve a net performance of Libor + 400
bps with a volatility of 4% if the correlation between these hedge
funds is larger than 20%.

1.4 Beta coefficient

1.

(a)

The beta of an asset is the ratio between its covariance with the
market portfolio return and the variance of the market portfolio
return (TR-RPB, page 16). In the CAPM theory, we have:

E[Ri]=r+B; (E[R(D)] — )
where R; is the return of asset i, R () is the return of the market
portfolio and r is the risk-free rate. The beta (; of asset i is:
8, = cov (R;, R (b))
‘T var(R(b))
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Let ¥ be the covariance matrix of asset returns. We have
cov (R, R (b)) = Xb and var (R (b)) = b' ¥b. We deduce that:

_ (2b)

b=

(b) We recall that the mathematical operator E is bilinear. Let ¢ be
the covariance cov (¢1 X1 + ¢2 X5, X3). We then have:

¢ = EllaaX)+ X —Ele1 X1 + 2 X3]) (X3 — E[X3])]
= El(a (X1 —E[Xi]) + 2 (X2 — E[X2])) (X5 — E[X3])]
= aE[(X: -E[Xi]) (X3 -E[X3])] +
eE (X2 — E[X2]) (X5 — E[X3])]
= ccov(Xy, X3) + cacov (Xa, X3)

(¢c) We have:

cov (R (x),R (D))

var (R (b))
cov (ITR, bTR)

var (bT R)
2B [(R—p) (R—p) |
bTE (R~ ) (R—p) |b
T ¥b
b
57

bTb

= 2’8

n
= Z zifi
i=1

with 8 = (B1,...,Bn). The beta of portfolio z is then the weighted
mean of asset betas. Another way to show this result is to exploit
the result of Question 1(b). We have:

cov (374 xiRi, R (D))
var (R (b))

N Z " var (R (b))

plelb) =

= T

ple]b) =

=1

n
= Y @B
i=1
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(d) We obtain 3 (z(V) | b) = 0.80 and 8 (z(? | b) = 0.85.
2. The weights of the market portfolio are then b = n='1.
(a) We have:

cov (R, R (b))
var (1 (b))

We deduce that:

Y 6= 178
i=1

(b) If p; ; = 0, we have:

We deduce that:
o3 05
ﬁlZﬁQZﬁi& = nZB 2 2”23 2 2”23 2
i=17; j=19] j=19]
= O’% > Ug > 032)

= 01202203

(c) If p; ; = p, it follows that:

Bi o« of+ Zpaioj
J#i
= 0] +p0; Y 0+ po;i —po;
J#i
n
= (1-p)o? +pai2crj
j=1

= f(oi)
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with: .
FE)=0-p2+pz) o
j=1

The first derivative of f (z) is:
F(z)=20=p)z+p> 0
j=1

If p > 0, then f(z) is an increasing function for z > 0 because
(I1-=p) >0 and pzyzl oj > 0. This explains why the previous
result remains valid:

Bi1>Br>2Ps=012>202>03 if pj=p>0

If —(n—1)"" < p < 0, then f is decreasing if z <
—27lp(1—p)! Z?Zl o; and increasing otherwise. We then have:

B12>2P2>PsH 01 >02>03 if pj=p<0

In fact, the result remains valid in most cases. To obtain a counter-
example, we must have large differences between the volatilities
and a correlation close to — (n — 1)_1. For example, if o1 = 5%,
o9 = 6%, 03 = 80% and p = —49%, we have 81 = —0.100, By =
—0.115 and B3 = 3.215.

We assume that o1 = 15%, 02 = 20%, o3 = 22%, p12 = 70%,
P13 = 20% and pP2,3 = 750% It follows that 61 = 1231, ﬂg =
0.958 and 3 = 0.811. We thus have found an example such that
ﬁ1>52>ﬁ3 and o1 < 09 < 03.

There is no reason that we have either " | 8; <nor Y ., 3 >
n. Let us consider the previous numerical example. If b =
(5%, 25%, 70%), we obtain Z?Zl B; = 1.808 whereas if b =
(20%, 40%, 40%), we have 27 f; = 3.126.

We have:

;bzﬂi = ;b T
b

bT%b
=1

= pT

If 3, = B; = B, then 8 = 1 is an obvious solution because the
previous relationship is satisfied:

zn:biﬁi = ibi =1
i—1

i=1
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(b) If B; = B; = B, then we have:

zn:biﬁzl@ﬂ: =1

1
i— Z?:l bi

(8 can only take one value, the solution is then unique. We know that
the marginal volatilities are the same in the case of the minimum
variance portfolio z (TR-RPB, page 173):

do(x) Jdo(x)
6‘11- o 5‘9cj

with o (x) = VaTXz the volatility of the portfolio x. It follows

that:
(Ea:)i _ (Eac)j

Vi'sr Vil
By dividing the two terms by vz T Xz, we obtain:

(Xx), _ (Ex)j
DY, B A

The asset betas are then the same in the minimum variance port-
folio. Because we have:

{ Bi = B
2?21 xifBi =1

we deduce that:

Bi=1
(a) We have:

zn:bzﬂi =1
i=1

< En:bzﬂi = zn: b;
i=1 i=1
i=1 i=1

& Zn:bi(ﬁi—l)zo
i=1

We obtain the following system of equations:

{ Y bi(Bi—1)=0
b; >0
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Let us assume that the asset j has a beta greater than 1. We then

have:
{ bj (B = 1)+ 320 (Bi—1)=0
b; >0
It follows that b; (8; — 1) > 0 because b; > 0 (otherwise the beta
is zero). We must therefore have -, . x; (8; —1) < 0. Because
b; > 0, it is necessary that at least one asset has a beta smaller
than 1.

(b) We use standard notations to represent Y. We seek a portfolio
such that g1 > 0, B2 > 0 and B3 < 0. To simplify this problem,
we assume that the three assets have the same volatility. We also
obtain the following system of inequalities:

by +bap12 +b3p13 >0

bip1,2 + by + bgpaz >0

bip1,3 +bap23 +b3 <0
It is sufficient that b1p1,3 + bap2 3 is negative and b3 is small. For
example, we may consider by = 50%, by = 45%, bz = 5%, p12 =
50%, p1,3 = 0% and py 3 = —50%. We obtain £, = 1.10, B2 = 1.03
and B3 — —0.27.

(a) We perform the linear regression R;; = 8;R; (b) + ¢;;, (TR-RPB,
page 16) and we obtain §; = 1.06.

(b) We deduce that the contribution ¢; of the market factor is (TR-
RPB, page 16):

B var (R (b))

= 90.62
var (R;) 90.62%

C; =

Tangency portfolio

1. To find the tangency portfolio, we can maximize the Sharpe ratio or

determine the efficient frontier by including the risk-free asset in the
asset universe (see Exercise 1.2 on page 4). We obtain the following
result:

r 2% 3% 4%
x1 10.72%  13.25% 17.43%
Zo 12.06%  12.34% 12.80%
T3 28.92%  29.23% 29.73%
T4 48.30%  45.19% 40.04%
| ou(x) | 8.03%  827%  8.68% |
o () 4.26% 4.45%  4.84%
SR (z|r) | 141.29% 118.30% 96.65%




(a)

(b)
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The tangency portfolio is z = (10.72%, 12.06%, 28.92%, 48.30%) if
the return of the risk-free asset is equal to 2%. Its Sharpe ratio is
1.41.

The tangency portfolio becomes:
x = (13.25%,12.34%, 29.23%, 45.19%)

and SR (z | r) is equal to 1.18.

The tangency portfolio becomes
z = (17.43%,12.80%, 29.73%, 40.04%)

and SR (z | r) is equal to 0.97.

When r rises, the weight of the first asset increases whereas the
weight of the fourth asset decreases. This is because the tangency
portfolio must have a higher expected return, that is a higher
volatility when r increases. The tangency portfolio will then be
more exposed to high volatility assets (typically, the first asset)
and less exposed to low volatility assets (typically, the fourth as-
set).

2. We recall that the optimization problem is (TR-RPB, page 19):

o* = argmaxz ' (p+ ¢Xb) — ngEx — (‘ngZb + bTu)

We write it as a QP program:

1
¥ = arg min ixTEx — 2 (yu+ Xb)

with v = ¢~1. With the long-only constraint, we obtain the results given
in Table 1.2.

(a)

The portfolio which minimizes the tracking error volatility is the
benchmark. The portfolio which maximizes the tracking error
volatility is the solution of the optimization problem:

*

¥ = argmax(z—0b)' S(z—b)

1
= argmin —ixTEz +2'%bh

We obtain « = (0%, 0%, 0%, 100%).

There are an infinite number of solutions. In Figure 1.5, we report
the relationship between the excess performance p (z | b) and the
tracking error volatility o (z | b). We notice that the first part of this
relationship is a straight line. In the second panel, we verify that
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TABLE 1.2: Solution of Question 2
b mino (e) maxo(e) o(e) =3% maxIR(z|b)
1 60.00%  60.00% 0.00% 83.01% 60.33%
To 30.00%  30.00% 0.00% 16.99% 29.92%
T3 10.00%  10.00% 0.00% 0.00% 9.75%
Ty 0.00% 0.00%  100.00% 0.00% 0.00%
u(x) 12.80%  12.80% 6.00% 14.15% 12.82%
o (x) 10.99%  10.99% 5.00% 13.38% 11.03%
SR (z|3%) | 89.15%  89.15% 60.00% 83.32% 89.04%
w(z|b) 0.00% 0.00% —6.80% 1.35% 0.02%
o(z|b) 0.00% 0.00% 12.08% 3.00% 0.05%
IR (z | b) 0.00% 0.00% —56.31% 45.01% 46.54%
2.0 47
- 1.5 ~ 46
N N
; 1.0 ;45
% ¥
0.5 44
0.0 : ‘ s 43 : s
Q 1 2 3 4 5 1 2 3 4 5
o(x | b) (in %) o(x | b) (in %)
10
8
R 6
2
2
0 0 1 2 3 4 5

FIGURE 1.5: Maximizing the information ratio

a(x 1 b) (in %)
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the information ratio is constant and is equal to 46.5419%. In fact,
the solutions which maximize the information ratio correspond to
optimized portfolios such that the weight of the third asset remains
positive (third panel). This implies that o (z | b) < 1.8384%. For in-
stance, one possible solution is x = (60.33%, 29.92%, 9.75%, 0.00%).
Another solution is x = (66.47%, 28.46%, 5.06%, 0.00%).

(c) With the constraint z; € [10%, 50%], the portfolio with the lowest
tracking error volatility is z = (50%, 30%, 10%, 10%). Its informa-
tion ratio is negative and is equal to —0.57. This means that the
portfolio has a negative excess return. The portfolio with the high-
est tracking error volatility is = (10%, 10%, 30%, 50%) and o (e)
is equal to 8.84%. In fact, there is no portfolio which satisfies the
constraint x; € [10%, 50%)] and has a positive information ratio.

(d) When r = 3%, the tangency portfolio is:
z = (13.25%, 12.34%, 29.23%, 45.19%)

and has an information ratio equal to —0.55. This implies that
there is no equivalence between the Sharpe ratio ordering and the
information ratio ordering.

1.6 Information ratio

1. (a) Wehave R(b) =b" Rand R (z) = " R. The tracking error is then:
e=R(@)—R(b)=(x—b) R

It follows that the volatility of the tracking error is:

o@|m:a@y:¢@—mTz@—m

(b) The definition of p (z, b) is:

p(z,b) =
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We obtain:

E[(z"R—a"p) 0"TR—0"p)]
o (@)o ()
E[("R—a7p) (RTb—puT0)]
o (@) (b)
+TE[(R-p) (R—p) |
o (@) o (b)

D)
NSNS

p(x,b)

(c) We have:

2z |b) = (z—b)" S(z—0b)
= 2'S2+b'%b—2x"' b
o?(z) + 0% (b) —2p(z,b)o (x)a(b) (1.1)
We deduce that the correlation between portfolio z and benchmark
b is:
% (x) + 02 (b) — % (x| )
20 (z) o (b)

(d) Using Equation (1.1), we deduce that:

pla,b) = (1.2)

o? (x| b) < o?(x) + 02 (b) + 20 (x) o (b)

because p (z,b) > —1. We then have:

o(x|b) < o2(zx)+0o2(b)+ 20 (x)o (b)
< U()+O’(b)

Using Equation (1.2), we obtain:

o? (x) + 0% (b) — 0® (z | b)
20 (z) o (b) =1

It follows that:
o2 (z) + 0% (b) — 20 (z) o (b) < o? (x| b)
and:

o(z|b)

AVARIV]
=Y
&
|
Q
=



()
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The lower bound is |0 (z) — o (b)|. Even if the correlation is close
to one, the volatility of the tracking error may be high because
portfolio z and benchmark b don’t have the same level of volatility.
This happens when the portfolio is leveraged with respect to the
benchmark.

Ifo(x|b)=0(y|b), then:
IR(z[b) >IR(y |b) & p(x|b) > pn(y|b)

The two portfolios have the same tracking error volatility, but one
portfolio has a greater excess return. In this case, it is obvious that
x is preferred to y.

If o(z|b) # o(y|b) and IR (x| b) > IR(y|b), we consider a
combination of benchmark b and portfolio x:

z=(1-a)b+ax
with o > 0. It follows that:

z—b=a(x—0b)
We deduce that:

p(z|b)=(z=b"p=au(|b)
and:
o®(z|b)=(z2—b) T(z—b) =a?(z|b)
We finally obtain that:
p(z[b) =IR(z |b)-0(z]b)

Every combination of benchmark b and portfolio z has then the
same information ratio than portfolio z. In particular, we can take:

oWy
o(x|b)

In this case, portfolio z has the same tracking error volatility than
portfolio y:

o(z]|b) = ao(x|b)
= o(ylb)
but a higher excess return:
p(10) = RG[b) 0 (=|b)
— IR(z[b)-0(y|b)
IR(y[b)-o(y|b)
p(y | b)

So, we prefer portfolio « to portfolio y.

(AVARYS
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(c) We have:

_ %
- 5%
Portfolio z which is defined by:

a = 60%

2=04-b+06-x

has then the same tracking error volatility than portfolio y, but a
higher excess return:

u(z|b) = 06-5%
= 3%

In Figure 1.6, we have represented portfolios z, y and z. We verify
that z > y implying that = > y.

u(x 1 b) (in %)
I
|
|
|
|
|
|
|
|
|
|
|
|
|

T
|
|
|
|
|
|
|
|
<
|
|
|

0 ] | 2 | 3 | 4
a(x 1 b) (in 7Z)

FIGURE 1.6: Information ratio of portfolio z

(a) Let z(xg) be the combination of the tracker zy and the portfolio
. We have:
z(xo) = (1 —a)zo + ax

and:
z(zg) —b=(1—-a)(xzg—b) +a(x—0>)
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It follows that:

p(z (o) [ 0) = (1 = a) p(xo [ b) + (| )

and:

0% (2(x0) [ b) = (2(z0) —b)" ¥ (2 (w0) — b)
= (1—a)(zo—b) S(xo—b)+
o2 (x—0b) S(z—0b)+
200(1 — @) (mg — b) " = (z —b)
= (1—a)®0?(x0]b)+a?0? (x| b)+
a(l—a) (o (zo | b) + 0> (x| b) — o (2 | o))
= (1—a)o?®(zo|b) +ao?(x]|b)+

(0 —a)o® (z | 20)

We deduce that:

IR (2 (zo) | 1) = m

(I—a)p(xo|b)+apu(z|b)
\/ (1-a aZ(x0|b)+a02(a:|b)+

(0 —a) o (z | o)

(b) We have to find « such that o (2 (zg) | b) = o (y | b). The equation
is:

(1—a)o? (zo | b) +ao? (x| b)—|—(a2—a)02(x|xo) =o?(y|b)
It is a second-order polynomial equation:
Aad® 4+ Ba+C =0

with A = 0% (x| x), B = 0%(x|b) — 0% (x| 20) — 02 (x| )
and C = 02 (zg | b) — 0% (y | b). Using the numerical values, we
obtain a = 42.4%. We deduce that u(z (o) |b) = 97 bps and
IR (2 (x0) | b) = 0.32.

(¢) In Figure 1.7, we have represented portfolios xg, z, ¥, z and z (x¢).
In this case, we have y > z (zg). We conclude that the preference
ordering based on the information ratio is not valid when it is
difficult to replicate the benchmark b.
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, o(x 1 b) (in 7)

FIGURE 1.7: Information ratio of portfolio z (z)

Building a tilted portfolio
1. The ERC portfolio is defined in TR-RPB page 119. We obtain the fol-

lowing results:

Asset T MR; RC; RC

1 32.47% 10.83% 3.52% 25.00%
2 25.41% 13.84% 3.52% 25.00%
3 21.09% 16.67% 3.52% 25.00%
4 21.04% 16.71% 3.52% 25.00%

. The benchmark b is the ERC portfolio. Using the tracking-error opti-
mization problem (TR-RPB, page 19), we obtain the optimized portfo-
lios given in Table 1.3.

(a) If the tracking error volatility is set to 1%, the optimal portfolio

is (38.50%,20.16%,20.18%,21.16%). The excess return is equal to
1.13%, which implies an information ratio equal to 1.13.

(b) If the tracking error is equal to 10%, the information ratio of the

optimal portfolio decreases to 0.81.
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TABLE 1.3: Solution of Question 2

o (e) 0% 1% 5% 10% max

1 32.47% 38.50% 63.48% 96.26% 0.00%
T2 25.41% 20.16%  0.00%  0.00% 0.00%
x3 21.09% 20.18% 15.15%  0.00% 0.00%
T4 21.04% 21.16% 21.37%  3.74% 100.00%

(2 [ D) 1.13% 5.66% 8.05%  3.24%
o (x| b) 1.00% 5.00% 10.00%  25.05%
IR (z | b) 1.13 1.13 0.81 0.13
| o(x) [ 14.06% 13.89% 13.86% 14.59%  30.00% |
p (x| b) 99.75% 93.60% 75.70%  55.71%

(c) We have*:

o (z]b) =02 ()= 2p(z D)o (x)o (b) +0(b)

We suppose that p(z | b) € [pmin, Pmax)- Because x may be equal
to b, pmax is equal to 1. We deduce that:

0<0(z|b) < /02 (2) ~ 2pmino (x) 0 (b) + 02 (b)
If pmin = —1, the upper bound of the tracking error volatility is:
o(z|b) <o(x)+o(b)
If pmin = 0, the upper bound becomes:
o(z|b) <+/o?(x)+ a2 (b)

If pmin = 50%, we use the Cauchy-Schwarz inequality and we ob-
tain:

c@|b) < Vol OO
< Wa(w)—a(b)) +o(@)o(b)
< Jo(@)— o)+ o @ o 0)

Because we have imposed a long-only constraint, it is difficult to
find a portfolio which has a negative correlation. For instance, if
we consider the previous results, we observe that the correlation

4We recall that the correlation between portfolio # and benchmark b is equal to:

zT b

plelb)= VaTSzvbT 3
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TABLE 1.4: Solution of Question 3

7 (0) 0% 1% 5% 10% 35%
T 32.47% 38.50%  62.65% 92.82% 243.72%
To 25.41% 20.16% —0.83% —27.07% —158.28%
T3 21.09% 20.18% 16.54% 11.99% —10.77%
Ty 21.04% 21.16% 21.65% 22.27% 25.34%

10 (z [ b) 1.13% ~ 5.67% ~11.34% ~ “3971%
o (x| b) 1.00%  5.00%  10.00%  35.00%
IR (z | b) 1.13 1.13 1.13 1.13
| o(x) |14.06% 13.89% 13.93%  15.50%  34.96% |
p (x| b) 99.75%  93.62%  T7.55%  19.81%

is larger than 50%. In this case, o (z) ~ o (b) and the order of
magnitude of o (z | b) is o (b). Because o (b) is equal to 14.06%,
it is not possible to find a portfolio which has a tracking error
volatility equal to 35%. Even if we consider that p (x | b) = 0, the
order of magnitude of o (z | b) is v/20 (b), that is 28%. We are far
from the target value which is equal to 35%. In fact, the portfolio
which maximizes the tracking error volatility is (0%, 0%, 0%, 100%)
and the maximum tracking error volatility is 25.05%. We conclude
that there is no solution to this question.

3. We obtain the results given in Table 1.4. The deletion of the long-only

constraint permits now to find a portfolio with a tracking error volatility
which is equal to 35%. We notice that optimal portfolios have the same
information ratio. This is perfectly normal because the efficient frontier
{o (2* | b), u(x* | b)} is a straight line when there is no constraint® (TR-
RPB, page 21). It follows that:
¥ | b
IR (z* | b) = pla |b) = constant
o (z* | b)
Let x¢ be one optimized portfolio corresponding to a given tracking
error volatility. Without any constraints, the optimized portfolios may

be written as:
¥ =b+10-(xg—0)

We then decompose the optimized portfolio z* as the sum of the bench-
mark b and a leveraged long-short portfolio xg — b. Let us consider the
previous results with xg corresponding to the optimal portfolio for a 1%
tracking error volatility. We verify that the optimal portfolio which has
a tracking error volatility equal to 5% (resp. 10% and 35%) is a portfolio

5For instance, we have reported the constrained and unconstrained efficient frontiers in

Figure 1.8.
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FIGURE 1.8: Constrained and unconstrained efficient frontier

leveraged 5 times (resp. 10 and 35 times) with respect to zg. Indeed, we
have:

o(z*|b) = o(b+L-(zg—Db)|b)
= EO’(CCo—b|b)
= L-o(x0|b)

We deduce that the leverage is the ratio of tracking error volatilities:

In this case, we verify that:

pb+1€-(xg—0>)|b)
t-o(xo|b)

C-pu(xo | b)

ZO’({L‘()|b)

p (o | )

o (2o | b)

IR(z* | b) =
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1.8 Implied risk premium

1. (a) The optimal portfolio is the solution of the following optimization
problem:
z* = argmaxU (z)

The first-order condition 9, U (z) = 0 is:
(L—1)—¢Xz" =0

We deduce that:
¥ = 12_1 (n—rl)
¢

1
= ¥z

¢

We verify that the optimal portfolio is a linear function of the risk
premium 7 = p — rl.

(b) If the investor holds the portfolio xg, he thinks that it is an optimal
investment. We then have:

™ — qﬁEwO =0
We deduce that the implied risk premium is:
T = ¢Xxg

The risk premium is related to three parameters which depend on
the investor (the risk aversion ¢ and the composition of the portfolio
Zo) and a market parameter (the covariance matrix ).

(c) Because T = ¢pXxg, we have:
xg T = Py Lo

We deduce that:

T

To T
¢ = 1:8—2930
- 1 xgﬂ
Vg Szo /xd Sxo
SR (zo | )

Vg Sxo



(d)
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It follows that:

T = ¢Xxg

_ SR |n)y

\ IIJJE(E()

by
= SR(xzo|r) 10

Vg Xz

o (LL'()) - 2330

dx Vg Lo

Wi:SR(xo‘T)'MRi

The implied risk premium of asset i is then a linear function of
its marginal volatility and the proportionality factor is the Sharpe
ratio of the portfolio.

We know that:

We deduce that:

In microeconomics, the price of a good is equal to its marginal cost
at the equilibrium. We retrieve this marginalism principle in the
relationship between the asset price m; and the asset risk, which is
equal to the product of the Sharpe ratio and the marginal volatility
of the asset.

We have:
Zﬂ'i = ZSR(l‘Q | ’I") MRl
i=1 i=1

Another expression of the Sharpe ratio is then:

SR($O|T):W
. i

1=
It is the ratio of the sum of implied risk premia divided by the sum
of marginal volatilities. We also notice that:

€T;T; = SR (.’170 | ’I“) . (.’lﬁl . MRl)

We deduce that: s
T
SR (2 | r) = &=L 0
Zi:l RC;
In this case, the Sharpe ratio is the weighted sum of implied risk

premia divided by the sum of risk contributions. In fact, it is the
definition of the Sharpe ratio:

Dlimy TiTi

R (mo)
with R (z9) = Y1, RC; = \/z§ So.

SR (zo | 7) =
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2. (a) Let z* be the market portfolio. The implied risk premium is:

m=SR(z*|r) Py
The vector of asset betas is:
~ cov(R,R(z%))
b= var (R (z*))
Ya*
a2 (x¥)

We deduce that:
*\ __ 2 *
pmr = (BlE)=0) B0

o(ex) ) o(@)

or:
p—r=p ") -r)
For asset i, we obtain:
pi —r =B (u(2*) — 1)
or equivalently:
B[R] —r =B (E[R(z")] =)
We retrieve the CAPM relationship.
(b) The beta is generally defined in terms of risk:
cov (R;, R (z*))

i (R (zY))
We sometimes forget that it is also equal to:
" E[R(@Y)]) -7

It is the ratio between the risk premium of the asset and the excess
return of the market portfolio.

3. (a) As the volatility of the portfolio o (x) is a convex risk measure, we
have (TR-RPB, page 78):

RC; < x40y

We deduce that MR; < o;. Moreover, we have MR; > 0 because
pi; > 0. The marginal volatility is then bounded:

0 < MR; <oy
Using the fact that m; = SR (x | r) - MR,;, we deduce that:

0<m <SR(x|r) o
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(b) m; is equal to the upper bound when MR; = o;, that is when the
portfolio is fully invested in the it" asset:

1 =
TITY 0 it A
(¢) We have (TR-RPB, page 101):

Ti07 01 Y5 Tipi O
o (x)

If p;,; = 0 and x; = 0, then MR; = 0 and m; = 0. The risk premium
of the asset reaches then the lower bound when this asset is not
correlated to the other assets and when it is not invested.

(d) Negative correlations do not change the upper bound, but the lower
bound may be negative because the marginal volatility may be
negative.

MR; =

4. (a) Results are given in the following table:

1 25.00% 20.08% 10.04% ' 1.52 1.52
2 25.00% 12.28% 6.14% : 0.93 0.93
3| 50.00% 1028%  5.14% 078 078
7 () 6.61% '
(b) Results are given in the following table:
7 ZT; MRZ T | 51 7‘—75/71— ({E)
1 5.00% 9.19% 4.59% ' 0.66 0.66
2 500%  2.33% 1.17% ,0.17  0.17
3| 90.00%  1486% 743% 1107 107 _|
7 (x) 6.97% !
(¢) Results are given in the following table:
i z; MR; T B mi/m(x)
1 100.00% 25.00% 12.50% ' 1.00 1.00
2 0.00% 10.00%  5.00% , 0.40  0.40
3| 000% 3T 181015 05
7 (@) 1250%

(d) If we compare the results of the second portfolio with respect to
the results of the first portfolio, we notice that the risk premium of
the third asset increases whereas the risk premium of the first and
second assets decreases. The second investor is then overweighted
in the third asset, because he implicitly considers that the third
asset is very well rewarded. If we consider the results of the third
portfolio, we verify that the risk premium may be strictly positive
even if the weight of the asset is equal to zero.
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1.9 Black-Litterman model

1. (a)

2. (a)

We consider the portfolio optimization problem in the presence of
a benchmark (TR-RPB, page 17). We obtain the following results
(expressed in %):

o(z*[b) ]| 1.00 200 3.00 400 5.00
% 35.15 36.97 38.78 40.60 42.42
b 26.32 19.30 1228 526 —1.76

Let b be the benchmark (that is the equally weighted portfolio).
We recall that the implied risk aversion parameter is:

_SR(b|7)
N AN

and the implied risk premium is:

¢

b
N
We obtain ¢ = 3.4367, i, = 7.56%, jiz = 8.94% and fiz = 5.33%.

In this case, the views of the portfolio manager corresponds to the
trends observed in the market. We then have P = I,,, Q = i and®
Q = diag (6% (1) ,---,02 (fin)). The views Pp = Q + € become:

g=r+SR(]|r)

p=j+e
with € ~ N (0, Q).
We have (TR-RPB, page 25):

po= Elp|Pp=Q+¢
— i+TPT(PTPT +0)”' (Q - Pji)
= A+ S+ )7 (- )

We obtain fi; = 5.16%, iz = 2.38% and ji3 = 2.47%.

We optimize the quadratic utility function with ¢ = 3.4367. The
Black-Litterman portfolio is then x; = 56.81%, 25 = —23.61% and
x3 = 66.80%. Its volatility tracking error is o (x | b) = 8.02% and
its alpha is u (z | b) = 10.21%.

61If we suppose that the trends are not correlated.



w(x 1 b) (in %)

Exercises related to modern portfolio theory 35

4 —— TE model
— — BL model
=== BL model (#2)

a(x 1 b) (in %)

FIGURE 1.9: Efficient frontier of TE and BL portfolios

3. (a) If 7 =0, 5 = fi. The BL portfolio x is then equal to the neutral

portfolio b. We also have:

lim g = a+ lim 72" (72 + Q)" (2 — )
T—>00 T—r00

fi+ (o — i)

fi

In this case, [ is independent from the implied risk premium j and
is exactly equal to the estimated trends ji. The BL portfolio x is
then the Markowitz optimized portfolio with the given value of ¢.

We would like to find the BL portfolio such that o (z | b) = 3%.
We know that o (x| b) = 0 if 7 = 0. Thanks to Question 2(d),
we also know that o (x| b) = 8.02% if 7 = 1%. It implies that
the optimal portfolio corresponds to a specific value of 7 which is
between 0 and 1%. If we apply the bi-section algorithm, we find
that 7* = 0.242%. The composition of the optimal portfolio is then
xf = 41.18%, x5 = 11.96% and 2z} = 46.85%. We obtain an alpha
equal to 3.88%, which is a little bit smaller than the alpha of 3.94%
obtained for the TE portfolio.

We have reported the relationship between o (z | b) and p (x | b) in
Figure 1.9. We notice that the information ratio of BL portfolios is
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very close to the information ratio of TE portfolios. We may explain
that because of the homogeneity of the estimated trends fi; and the
volatilities o (j1;). If we suppose that o (fi1) = 1%, o (ji2) = 5% and
o (fi3) = 15%, we obtain the relationship #2. In this case, the BL
model produces a smaller information ratio than the TE model.
We explain this because [ is the right measure of expected return
for the BL model whereas it is ji for the TE model. We deduce
that the ratios fi;/[i; are more volatile for the parameter set #2, in
particular when 7 is small.

1.10 Portfolio optimization with transaction costs

1. (a)
(b)

The turnover is defined in TR-RPB on page 58. Results are given
in Table 1.5.

The relationship is reported in Figure 1.10. We notice that the
turnover is not an increasing function of the tracking error volatil-
ity. Controlling the last one does not then permit to control the
turnover.

We consider the optimization program given in TR-RPB on page
59. Results are reported in Figure 1.11. We note that the turnover
constraint reduces the risk/return tradeoff of MVO portfolios.

We obtain the results reported in Table 1.6. We notice that there is
no solution if 7+ = 10%. if 7+ = 80%, we retrieve the unconstrained
optimized portfolio.

Results are reported in Figure 1.12. After having rebalanced the
allocation seven times, we obtain a portfolio which is located on
the efficient frontier.

TABLE 1.5: Solution of Question 1(a)

o EW 400 450 5.00 550 6.00
i 16.67 28.00 14.44 460 0.00 0.00
3 16.67 41.44 40.11 39.14 34.34 26.18
3 16.67 11.99 14.86 16.94 17.99 18.13
) 16.67 17.24 24.89 30.44 35.38 39.79
} 16.67 0.00 0.00 0.00 0.00 0.00
xh 16.67 133 570 8.88 1229 1591
| pu(a*) | 633 626 684 726 7.62 7.93]
o (*) 563 4.00 450 5.00 550 6.00
7(z]2@) | 000 73.36 63.32 73.04 7542 68.17
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FIGURE 1.10: Relationship between tracking error volatility and turnover
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FIGURE 1.11: Efficient frontier with turnover constraints
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TABLE 1.6: Solution of Question 1(d)

™ EW 10.00 20.00 40.00 80.00
oy 16.67 16.67 16.67 4.60
3 16.67 26.67 34.82 39.14
3 16.67 16.67 16.67 16.94
@} 16.67 16.67 1851 30.44
a3 16.67 11.15 0.26  0.00
g 16.67 12.18 13.07 8.8
| ou(z*) ] 633 6.39 7.4 7.26
o(z*) | 5.63 500 5.00 5.00
7 (2| 2@) | 0.00 20.00 40.00 73.04

I L I L I L I L I L a L |

4 5 6 7 8 9 10

o(x) (in 7)

FIGURE 1.12: Path of rebalanced portfolios
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2. (a) The weight x; of asset i is equal to the actual weight xz(-o) plus the

o . + . . —.
positive change z;” minus the negative change z; :

0 —
xi:xi—l—xj—xi

The transactions costs are equal to:

n n
,}: - - Z + .t
C= x; c; + x; c;

i=1 i=1

Their financing are done by considering a part of the actual wealth:

zn:xi—FC:l
=1

Moreover, the expected return of the portfolio is equal to p () —C.
We deduce that the vy-problem of Markowitz becomes:

= argmin%xTEx—'y(xTu—C)
r=20 4+t -2~
1"z+C=1
u.c. 0<z<1
0<zxr <1
0<zt <1

The associated QP problem is:

1
S argmin§XTQX—xTR
AX =B
“lo<x<1
with:

> 0 0 L
Q = |0 o0o0|, R=q| - |,

0 0 O —ct

T
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We obtain the following results:

EW  #1  #2

x7 16.67 4.60 16.67
x5 16.67 39.14 30.81
x5 16.67 16.94 16.67
x} 16.67 30.44 22.77
xk 16.67  0.00 0.00
xg 16.67  8.88 12.46

The portfolio #1 is optimized without taking into account the
transaction costs. We obtain an expected return equal to 7.26%.
However, the trading costs C are equal to 1.10% and reduce the net
expected return to 6.17%. By taking into account the transaction
costs, it is possible to find an optimized portfolio #2 which has a
net expected return equal to 6.55%.

In the case of a long-only portfolio, the financing of transaction
costs is done by the long positions:

il‘i—i-cz 1
=1

In a long-short portfolio, the cost C may be financed by both the
long and short positions. We then have to choose how to finance
it. For instance, if we suppose that 50% (resp. 50%) of the cost is
financed by the short (resp. long) positions, we obtain:

1

¥ = argmin QxTEx — (:ch _ C)
=242t —z~
1Tz +C=1
n 1 n

u.c. 21 (xi_’_gc)]li: i=1 (xi—%(,’) (1-15)

_(1_]11')93 <z <1z
0<z; <1
0<zf<1

with 1; an indicator function which takes the value 1 if we want to
be long in the asset i or 0 if we want to be short. % and z” indicate
the maximum short and long exposures by asset. As previously, it
is then easy to write the corresponding QP program.
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1.11 Impact of constraints on the CAPM theory

1. (a)

At the equilibrium, we have:
ER])=r+ 8 (E[R(z*)]—7)

We introduce the notation S (e; | ) to design the beta of asset i
with respect to portfolio z. The previous relationship can be written
as follows:

pi —r=pB(e;|z%) (u(@*)—r)
We have:
Blei|z") (n(2*) —r)+

(1
Blei|z)(pn(x)—r)=FBlei|x)(u(z)—r)
= m(ei|x)+B(ei| ") (u(e™) —r)=pB(ei|x)(u(x)—r)

Hi =T

We recall that:
Bei|z") (u(z") =r) = MR; («") SR (¢" | )
We deduce that:
wi —r=m(e|x)+0;(z%,x)
with:
di (a2, 2) = MR; () SR (2™ | ) — MR, (z) SR (z | r)

The risk premium of asset ¢ can be decomposed as the sum of the
beta return 7 (e; | ) and the deviation ¢; (z*,z), which depends
on the marginal volatilities and the Sharpe ratios.

The beta return overestimates the risk premium of asset ¢ if
7 (e; | ®) > p; — r, that is when §; (z*,2) < 0. We then have:

MR; () SR (z | r) > MR; (™) SR (z* | r)
or:
SR (a” | 1)
SR (z|7)
Because SR (z*|r) > SR(x|r), it follows that MR;(z) >
MR, (x*). We conclude that the beta return overestimates the risk
premium of asset ¢ if its marginal volatility MR, (x) in the portfo-

lio x is large enough compared to its marginal volatility MR, (z*)
in the market portfolio x*.
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(d) We have:

SR(z|r) = M@=
a (m)
p(z) —
a (9«“)
because 1Tz = 1. The optimization program is then:

T
o = argmax B 2T
o (x)

We deduce that the first-order condition is:
(O p(2*) —rl)o(z*) — (p(2*) —r) Oy o (z¥)

o2 (x¥) =0
or:
Op pu(x*) =71 Oy o (%)
plax)—r — o(a¥)
We have: LTS (4= p1)
pla*) =p'ar = m
and:

(p—r1)" 7 (u—r1)
1781 (u—r1)

The return variance of z* is also:

Pl —r =

(p=r)" ST (u— )

2 * _
@) = 178 (p—rl) 1721 (p—1r1)

1
(

1 o,
( (n(z*) =)

1781 (n—11)
It follows that:
Opo(x*)  Yz~*
o (x*) T g2 (z*)

178 (p—rl) Xa*
(n(a*) —r)

B ITE’lEx*( 1)
T W@y -0
pw—rl
pla*) —r
(%“u,(it*)fT].
p(z*) —r

x* satisfies then the first-order condition.
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The first-order condition is (u — rl) — ¢Xa = 0. The solution is
then:

1
¥ = 5271 (w—rl)
The value of the utility function at the optimum is:
1
U = 5= r) S (p-r1) -
¢ (u—r1)" BIES T (i —r1)

2 2
1 T -1
= 2¢(u rl) X7 (u—rl)
We also have:
N (u—r1)" 2
SR(z*|r) = ~—mrtft——
(" |r) =

V-7 s (u—r1)

We obtain: )
U(x*) = —SR*(z* | r
(@) = 35 SR (@* |7
Maximizing the utility function is then equivalent to maximizing
the Sharpe ratio. In fact, the tangency portfolio corresponds to the
value of ¢ such that 17z* = 1 (no cash in the portfolio). We have:

1
17z = 517—2*1 (w—rl)

It follows that: )

T1Ty! (u—rl)
We deduce that the tangency portfolio is equal to:

¢

* = ¥yt (M — Tl)
1721 (p—1rl)

We obtain the following results:

xy Be;|xz*) MR;(z*) m(e;i]|a*)

—13.27% 1.77% 6.46% 5.00%
21.27% 1.77% 6.46% 5.00%
62.84%  0.71% 2.58% 2.00%

29.16% 1.42% 5.17% 4.00%

=W N | .

We verify that 7 (e; | ) = p; — r.
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(b) We obtain the following results:

zi  Plei]z) MRi(z) w(ei|x) &z x)
0.00% 2.96%  11.79%  8.38% —3.38%
9.08% 1.77%  7.04%  5.00%  0.00%
63.24%  0.71%  2.82%  2.00%  0.00%
27.68%  1.42%  5.63%  4.00%  0.00%

=W N | s

Even if x is a tangency portfolio, the beta return differs from the
risk premium because of the constraints. By imposing that x; > 0,
we overestimate the beta of the first asset and its beta return. This
explains that d; (z*, ) < 0.

(c) We obtain the following results:

x; Bleilx) MR;(z) w(e;|x) 0;(z*, x)

1

1| 10.00% 3.04 16.26% 9.82% —4.82%
2| 10.00% 1.83 9.79% 5.91% —0.91%
3| 48.55% 0.40 2.13% 1.28% 0.72%
4| 31.45% 1.02 5.44% 3.28% 0.72%

(d) We consider the portfolio z = (0%, 0%, 50%, 50%). We obtain the
following results:

x; Bleilz) MRi(z) w(ei|x) 0;(z*, )
0.00% 1.24 6.09% 3.71% 1.29%
0.00% 0.25 1.22% 0.74% 4.26%

50.00% 0.33 1.62% 0.99% 1.01%
50.00% 1.67 8.22% 5.01% —1.01%

=W N | s

1.12 Generalization of the Jagannathan-Ma shrinkage
approach

1. (a) Jagannathan and Ma (2003) show that the constrained portfolio is
the solution of the unconstrained problem (TR-RPB, page 66):

i=ga* (ﬂ, i)
with:

= p
S=Y4+ M —A)1T+1 (A=A

where A~ and AT are the vectors of Lagrange coefficients associated
to the lower and upper bounds.
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(b) The unconstrained MV portfolio is:

50.581%

1.193%

=] —6.299%
—3.054%
57.579%

(¢) The constrained MV portfolio is:

40.000%

16.364%

T = 3.636%

0.000%

40.000%

The Lagrange coefficients are:

0.000% 0.345%
0.000% 0.000%
AT =1 0.000% and AT =| 0.000%
0.118% 0.000%
0.000% 0.290%

The implied volatilities are 17.14%, 20.00%, 25.00%, 24.52% and
16.82%. For the implied shrinkage correlation matrix, we obtain:

100.00%

53.80% 100.00%

34.29%  20.00% 100.00%

49.98%  38.37%  79.63% 100.00%

53.21%  53.20% 69.31%  49.62% 100.00%

Y
I

(d) If we impose that 3% < x; < 40%, the optimal solution becomes:

40.000%
14.000%
3.000%
3.000%
40.000%

S
I

The Lagrange function of the optimization problem is (TR-RPB,
page 66):

L (z;3 00, A, A7, A1) = %xTEx —
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The first-order condition is:

o (z) agf) “Xol=Ap—A +At =0

It follows that:

do(x)  Xl4+Aip+ A" — A"
oz o (x)

We deduce that:
+00(x)
ox

Using the portfolio obtained in Question 1(c), we have o (z) =
12.79% whereas the marginal volatilities 0, o (x) are equal to:

o(r+ Azx) ~o(z) + Az

0.000 0.345 12.09%

X 0.000 0.000 14.78%
— |18+ 0000 | =] 0000 || =] 1478%
12.79 0.118 0.000 15.70%
0.000 0.290 12.51%

It follows that the approximated value of the portfolio volatility is
12.82% whereas the exact value is 12.84%.

The Lagrange function of the unconstrained problem is:
1
L(z; 0, A1) = ixTEx —Xo (1Tm - 1) -\ (,uTx — u*)
with A\g > 0 and Ay > 0. The unconstrained solution x* satisfies
the following first-order conditions:

Zx*—/\ol—Aluzo
172 —1=0
MTﬂC*—M*:O

If we now consider the constraints Cx > D, we have:

L (3:; /\0,)\1,)\7,)#) = %xTEx — Ao (1Ta: — 1) —
M (02— p*) = AT (Cx— D)

with Ap > 0, Ay > 0 and A > 0. In this case, the constrained
solution Z satisfies the following Kuhn-Tucker conditions:

YLE—Xl—Aip—CTA=0
1"3-1=0

ple—p*=0
min(\,CZ—D) =0
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To show that z* (u, Z) is the solution of the constrained problem,

we follow the same approach used in the case of lower and upper
bounds (TR-RPB, page 67). We have:

¥ = 23— (CTALT+1AT0) 7
= Ml+Mp+CTA-—C"M1Tz-1NTCE

The Kuhn-Tucker condition min (A, CZ — D) = 0 implies that
AT (C% — D) = 0. We deduce that:

Y& o= MNl+Mp+CTA-CTA-1ATD
= (M—-A"D)1+\p
It proves that z is the solution of the unconstrained optimiza-

tion problem with the following unconstrained Lagrange coefficients
Ay =Xo—ATDand \j = \;.

Because (AB)' = BT AT we have:

ST o= ST (@17 +1070) "
= Y-(1\TC+CTa1T)
= 3

This proves that ¥ is a symmetric matrix. For any vector z, we
have:

' N = a (E—(CTx\lT—l—l/\TC))m
= 2'Y%z—2'C"\1Tz—2z"1\"Cz

' Nz —22TCT AL

We first consider the case where the constraint pu'x > p* van-
ishes and the optimization program corresponds to the minimum
variance problem. The first-order condition is:

CTA=37— )1
It follows that:
@T1) - (2TCTA) = (271) - (2T 5&) — Ao (2 71)°
Due to Cauchy-Schwarz inequality, we also have:
(271 (2757)| = |(@T1)- (2722512

(z71)| (=" 22) " (T 5w)

IN
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Using the Kuhn-Tucker condition”, we obtain:
'Y = 2'%r—2 (mTl) . (:UTEic) + 2\ (:v—rl)2
2T —2|(2T1) - (27 5F)| +2X (271)
'Y —2 { (xT1)| . (xTEx) vz (icTEfc)l/z +
2 (271)°
z 'Y —2 { (:ETl)| . (xTEx) vz, ()\TD + )\0)1/2 +
2) (271)°
We deduce that:
2z > a'ne-2|(z )| (2752) (ATD+a) P ¢
X (z71)°+ (ANTD+Xo) (271) = (A\TD) (271)°
= (@=b>+(Mo—-A"D) (1)

vV

IV

where a = V2 TXz and b = ’($T1)| . ()\TD + )\0)1/2. If \o > ATD,

then '3z > 0 and ¥ is a positive semi-definite matrix. If Ay <
AT D, the matrix ¥ may be indefinite. Let us consider a universe
of three assets. Their volatilities are equal to 15%, 15% and 5%
whereas the correlation matrix of asset returns is:

100%
p=| 50% 100%
20%  20% 100%

If ¢ = {20% < x; <80%}, the minimum variance portfolio is
(20%, 20%, 60%) and the implied covariance matrix 3 is not posi-
tive semi-definite. If C = {20% < z; < 50%}, the minimum variance
portfolio is (25%, 25%, 50%) and the implied covariance matrix %
is positive semi-definite. The extension to the case p'z > p* is
straightforward because this constraint may be encompassed in the
restriction set C = {x € R": Cx > D}.

We have x > 2~ and x < z+. Imposing lower and upper bounds is

then equivalent to:
1, T~
>
(2 )e=()

"We have:

8

Tsg = &1 (CTA+)\01>
= #FTCTA+x2"1
= AT (C%)+ Ao
= A D+Xo
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Let A = (A7, AT) be the lagrange coefficients associated with the
constraint Cx > D. We have:

(1 -1) (3 )

= A=At

T

We deduce that the implied shrinkage covariance matrix is:
Y = - (CTA1T +1A7C)
— T a1t 1 =)’
— S+t —a) 1T+t AT
We retrieve the results of Jagannathan and Ma (2003).

We write the constraints as follows:

-1 -1 0 0 O > —0.40
0 0 0 1 0 = 0.10
We obtain the following composition for the minimum variance

portfolio:
44.667%
—4.667%
z=\1 —-19.195%
10.000%
69.195%

The lagrange coefficients are 0.043% and 0.134%. The implied
volatilities are 15.29%, 20.21%, 25.00%, 24.46% and 15.00%. For
the implied shrinkage correlation matrix, we obtain:

100.00%
51.34% 100.00%
p= 30.57%  20.64% 100.00%

47.72%  38.61%  79.58% 100.00%
41.14%  50.89%  70.00%  47.45% 100.00%

We consider the same technique used in QP problems (TR-RPB,
page 302):

Az > B
Ar=B < {AxSB

= (4)=(35)

We can then use the previous framework with:

o=(4) mo-( )
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(b) We write the constraints as follows:

0 0 —0.50
1 -1 Jz> 0.00
-1 1 0.00

O O =
O O =
o O O

We obtain the following composition for the minimum variance

portfolio:
46.033%

3.967%

z=| —13.298%
31.649%

31.649%

The lagrange coefficients are 0.316%, 0.709% and 0. The implied
volatilities are 16.97%, 21.52%, 25.00%, 21.98% and 19.15%. For
the implied shrinkage correlation matrix, we obtain:

100.00%
58.35% 100.00%
p= 33.95%  24.46% 100.00%

39.70%  33.96%  78.08% 100.00%
59.21%  61.26%  69.63%  44.54% 100.00%

Remark 1 The original model of Jagannathan and Ma (2003) concerns the
minimum variance portfolio. Extension to mean-variance portfolios is straight-
forward if we consider the Markowitz constraint p(x) > p* as a special case
of the general constraint Cx > D treated in this exercise.



Chapter 2

Exercises related to the risk budgeting
approach

2.1 Risk measures

1. (a) We have (TR-RPB, page 74):
VaR (a) =inf {¢: Pr{L > ¢} > o}

and:

ES (o) = E[L| L > VaR (a)]

(b) We assume that F is continuous. It follows that VaR (o) = F~1 ().
We deduce that:

ES(e) = E[LIL>F"(a)]
_ /w S
Fi(a —F(F(a)

1 /'°°
= zf (z) dx
1l -« F-1(a) ( )

We consider the change of variable t = F (). Because dt = f () dz
and F (c0) = 1, we obtain:

dx

1
ES (o) = 1ia/ F~1(t) dt
(¢c) We have:
—(0+1)
I (@) =6

51
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The non-centered moment of order n is!:

0o 37_(0+1)
E[L"] / 1" ——p— dx
T_ xr_
¢ o1
= _— l'n dx
L
6 [zn—97
T oo [n - 9] .
6 n
= T
0—n —
We deduce that: p
E[L] = _
L] =52
and:
E[L?] = b 2
0—2 ~
The variance of the loss is then:
0

var (L) = E[L?] —E*[L] =

r_ is a scale parameter whereas 6 is a parameter to
distribution tail. We have:
) —6

-
We deduce that:
VaR (o) =F ' (a)=2_(1—a)"

F~! (o)

=«

We also obtain:

1 —
ES(a) = ﬁ/ e (1—t)7% at

- T— | 1 1=t
N 1—a{ 1—9_1(1 2
_f —o!
= 9_11_(1705)
— LV R ()
= 57 VaR(a

Because 6 > 1, we have % > 1 and:

ES (o) > VaR ()

1The moment exists if n # 6.

2

6-1°0-2)"

control the
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(d) We have:

1 [ 1 1fz—p\?
ES(a) = / x exp | —= (x M) dz
11—« ptod—1(a) OV2T 2 g
By considering the change of variable t = o~ (x — i), we obtain
(TR-RPB, page 75):
1

e 1 1
E = —— )
S (@) T [Dl(a) (u + ot) mexp( 2t ) dt

H )
= 1201+

g /Oo te ( 1t2) dt
9 <o [ —=
(1—0a) V21 Ja-1(a) P 2

g

v o <§t2)]:_1(a>

o 1,4 2
7(1 " a) NG exp (‘2 [‘1’ (a)] )
= p+ m¢ (@1 (a))

Because ¢’ () = —x¢ (x), we have:

1-®(x) = / o (t) dt

[ (7)o a

We consider the integration by parts with u (t) = —t~! and v/ (¢) =

¢ (t):
_ [iew)T oL
1-d(x) = " L /x 2 (t) dt
_ o) [T1
= - +/m = (=t (t)) dt
_ 9(x) “1,
= - +/z 3 (t) dt
We consider another integration by parts with u (t) = ¢~ and
v (t) = ¢ (t):
_ 9@ ) D




o4

0.030

0.025

0.020

0.015

0.010

0.005

0.000

Introduction to Risk Parity and Budgeting

v
- \::‘.=
k 1=
L ‘ = = order 1
\ ‘ —==- order 4
1.5 4.0

FIGURE 2.1: Approximation of 1 — ® ()

We continue to use the integration by parts with v’ (¢) = ¢ (¢). At
the end, we obtain:

e - ¢§Cx)7¢§)+3¢g>73,5¢3§f)+
3-5-7“2(;3)—
- LS e (e ) 55
_ ¢§Ux)+‘1’x(2ff)

We have represented the approximation in Figure 2.1. We finally
deduce that:

v (x)

¢(x) =x(1-@(z)) -

By using the previous expression of ES (a), we obtain with z =
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1 (a):
ES(a) = u+ﬁ¢( L (a))
= gt
- “mf@(‘l’l(a)(l—@—w>
= M+U<D_1(a)—om
- VaR(a)—om

We deduce that ES (a) — VaR («) because:

-1

T Gl )

a=1 (1 —a)®~!(a)

(e) For the Gaussian distribution, the expected shortfall and the value-

at-risk coincide for high confidence level «. It is not the case with

the Pareto distribution, which has a fat tail. The use of the Pareto

distribution can then produce risk measures which may be much
higher than those based on the Gaussian distribution.

(a) We have (TR-RPB, page 73):

R(L1+Ly) = E[Ly+ Lo =E[Li] + E[Ly] = R (L1) + R (L2)
R(L) = E[\L]=AE[L] = AR (L)
R(L+m) = E[L-m]|=E[L]—-m=R(L)—m

We notice that:

]E[L]/chdF(x)/OlFl(t) dt

We deduce that if Fy (z) > Fy(z), then F7'(t) < Fy'(¢) and
E[L;1] <E[Lg]. We conclude that R is a coherent risk measure.
(b) We have:

R(Li+La) = E[Li+ Lo +0(L1+ L2)
E[Li] + E[Ly] +
Vo2 (L1) + 02 (L) +2p (L1, L2) 0 (L) o (L2)
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Because p (L1, Ly) < 1, we deduce that:

R(Li+Ly) < E[Li]+E[Ly] +
Vo2 (L) + 02 (L2) + 20 (L1) 0 (L2)
< E[Li] +E[Ls] + 0 (L1) + 0 (L2)
< R(L1) +R(L2)
We have:

ROL) = E[\L]+o(\D)
= ME[L] 4 Ao (L)
AR (L)
and:
R(L+m) = E[L—m]+0o(L—m)
= E[L]-m+o(L)
= R(L)—m

If we consider the convexity property, we notice that (TR-RPB,
page 73):
ROL+(1- N L) < ROL)+R((1-A) L)

<
< AR(L1) + (1 - N)R (L)

We conclude that R is a convex risk measure.

3. We have:

; 0 1 2 3 4 5 6 7 8
Pr{L=¢}|02 01 01 01 01 01 01 0.1 0.1
Pr{L<¢}|02 03 04 05 06 07 08 09 1.0

(a) We have VaR (50%) = 3, VaR (75%) = 6, VaR (90%) = 7 and:
3x10% + ...+ 8 x 10%

ES (50%) = 607 =55
0
1 1
ES (75%) — 6 x 0%+30(7+8>< 0% _ 70
0
1 1
ES (90%) — 7 X 0‘7;(4)—?(8 x 10% _ s
0

(b) We have to build a bivariate distribution such that (TR-RPB, page
73):
F' (a) + Fy' (@) <Fips(a)

To this end, we may use the Makarov inequalities. For instance, we
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may consider an ordinal sum of the copula CT for (u1,us) < (o, @)
and another copula C,, for (u1,usz) > (o, @) to produce a bivariate
distribution which does not satisfy the subadditivity property. By
taking for example a = 70% and C, = C~, we obtain the following
bivariate distribution?:

~
)

0 1 2 3 4 5 6 7 8 |pa
0.2 0.2
0.1 0.1
0.1 0.1

0.1 0.1

0.1 0.1

0.1 0.1

0,1]0.1

0,1 0.1
0,1 0.1
p1.]02 01 01 01 01 01 01 01 0.1

WO Uik W+~ O

We then have:

l; |0 2 4 6 8 10 14
Pr{Li+Ly;=¢}[02 01 01 01 01 01 03
Pr{Li+ Ly <¢} |02 03 04 05 06 07 1.0

Because F7' (80%) = F5' (80%) = 6 and Fil, (80%) = 14, we
obtain:
F ' (80%) + F5 ' (80%) < F1}, (80%)

2.2 Weight concentration of a portfolio

1. (a) We have represented the function y = £ () in Figure 2.2. It verifies
L(z) > x and L (z) < 1. The Gini coefficient is defined as follows
(TR-RPB, page 127):

G:

2We have p1,i =Pr{Li =4;} and pa ; = Pr{L2 = ¢;}.
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(b) If @ > 0, the function L, () = z® is increasing. We have L, (1) =
1, L4 (z) < 1and L, (z) > z. We deduce that £, is a Lorenz curve.
For the Gini index, we have:

1
Gla) = 2/ o de 1
0

a+1 1
[
a+l1],

1l—«

1+«

We deduce that G (0) =1, G(3) = /s et G(1) = 0. a = 0 corre-
sponds to the perfect concentration whereas o = 1 corresponds to
the perfect equality.

0 g gy ey g -

80

0 20 40 60 80 100
x (in %)

y (in 7)

40

No concentration
— — lorenz curve
===: Perfect concentration

20

FIGURE 2.2: Lorenz curve

2. (a) Wehave £y, (0) = 0and £,, (1) = X7 w; = 1. If x5 > 21, we have

Lo, (x2) > Ly (22). Ly, is then a Lorenz curve. The Gini coefficient
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100

N
£
>
d
P o = 10%
/ id — — a =507
/ e -== o =907
20F / 7/
v
/7
/7
’
’
O Il Il Il L Il I}
0 20 40 60 80
x (in %)
FIGURE 2.3: Function y = ¢
is equal to:
1
g = 2/ L(z)dr—1
0
2 n [
- 233w
i=1j=1
If w; =n~!, we have:
2 n
lim G = lim=% ——1
n—o00 n—oon P n
2 1
= limf~n(n+ )—1
n—oon, 2n
1
= lim—=0
n—oomn
If wy = 1, we have:
ImGg = liml-—
n—o00 n—o00 n

59
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We note that that the perfect equality does not correspond to the
case § = 0 except in the asymptotic case. This is why we may
slightly modify the definition of £,, (z):

Lo (1) = { 23:1 w; if x=n"1

dim Wi+ wipr (nr—d) if nTli<z<nTt(i+1)

While the previous definition corresponds to a constant piecewise
function, this one defines an affine piecewise function. In this case,
the computation of the Gini index is done using a trapezoidal in-
tegration:

n—1 1

i=1 j=1

The Herfindahl index is equal to 1 if the portfolio is concentrated
in only one asset. We seek to minimize H = Y., w? under the
constraint y -, w; = 1. The Lagrange function is then:

=1 =1

The first-order conditions are 2w; —A = 0. We deduce that w; = w;.
H reaches its minimum when w; = n~!. It corresponds to the
equally weighted portfolio. In this case, we have:

7—[:

1
n

The statistic A/ is the degree of freedom or the equivalent number
of equally weighted assets. For instance, if H = 0.5, then N = 2.
It is a portfolio equivalent to two equally weighted assets.

The minimum variance portfolio is w§4) = 82.342%, wgl) =
13.175%, w" = 3.294%, (" = 0.823% and w’" = 0.366%.

For each portfolio, we sort the weights in descending order. For
the portfolio w?), we have w%l) = 40%, wél) = 30%, wél) = 20%,
w(" =10% and wi" = 0%. It follows that:

H<w<1>) _ g(wgn)z

= 0.10% + 0.20% + 0.30% + 0.40>
= 0.30
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We also have:

G - Tyars
i=1 j=1

2 1
= < (0.40+0.70+0.90+ 1.00 + 2) 1

-1

[S AN
DN =

= 040

For the portfolios w®, w® and w®, we obtain H (w(Q)) = 0.30,
H(w®) = 025 H(w?) =070, G (w?) = 040, G (w®) =
0.28 and G (w™®) = 0.71. We have N (w?) = N (wM)) = 3.33,
N (w®) =4.00 and N (w®) = 1.44.

(c) All the statistics show that the least concentrated portfolio is w®).
The most concentrated portfolio is paradoxically the minimum vari-
ance portfolio w®. We generally assimilate variance optimization
to diversification optimization. We show in this example that di-
versifying in the Markowitz sense does not permit to minimize the
concentration.

2.3 ERC portfolio

1. We note ¥ the covariance matrix of asset returns.

(a) Let R (x) be a risk measure of the portfolio x. If this risk measure
satisfies the Euler principle, we have (TR-RPB, page 78):

We can then decompose the risk measure as a sum of asset contri-
butions. This is why we define the risk contribution RC; of asset ¢
as the product of the weight by the marginal risk:

RC, = 2, OR (z)
0 iz
When the risk measure is the volatility o (x), it follows that:
(Zz),

RCz = X
VaTSz

z; (3 h_1 PikOiOkRTE)
o ()




62 Introduction to Risk Parity and Budgeting

(b) The ERC portfolio corresponds to the risk budgeting portfolio when
the risk measure is the return volatility o (z) and when the risk
budgets are the same for all the assets (TR-RPB, page 119). It
means that RC; = RC;, that is:

Qdo(z)  do(x)
i 8l‘i = 8l‘j

(c) We have:

_ 1 &
RC = E;Rci

= %0’ (x)
It follows that:
var (RC) = %z”: (RC; — W)Q
= %Z <RC¢ — ;U(x)>
= #@ > (na (Sx), - 0® (2)”

i=1

To compute the ERC portfolio, we may consider the following op-
timization program:

F = arg minz (ngji (Zx)Z — o2 (g;))Q

i=1

Because we know that the ERC portfolio always exists (TR-RPB,
page 108), the objective function at the optimum z* is necessarily
equal to 0. Another equivalent optimization program is to consider
the L? norm. In this case, we have (TR-RPB, page 102):

r* = arg mini: zn: (331 : (Zm)l — x5 (Zx)J)Q

i=1 j=1
(d) We have:
_ (Zo),
fila) = A
MR,
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We deduce that:

RC, = zi- MR,
= z;6;(x)o(x)
The relationship RC; = RC; becomes:
zifi () = ;8 (x)
It means that the weight is inversely proportional to the beta:

1
T; X ———
Bi (z)
We can use the Jacobi power algorithm (TR-RPB, page 308). Let
z®) be the portfolio at iteration k. We define the portfolio z(*+1)

as follows: .
LB — Bt (=)
Z?:l 16;1 (m(k))

Starting from an initial portfolio (%), the limit portfolio is the ERC
portfolio if the algorithm converges:

kl'l)m z®) = Torc
(oo}

Starting from the EW portfolio, we obtain for the first five itera-
tions:

% 0 1 2 3 1 5
) (in %) | 33.3333 43.1487 40.4122 41.2314 40.9771 41.0617
«) (in %) | 33.3333 32.3615 31.9164 32.3529 32.1104 32.2274
2 (in %) | 33.3333  24.4898 27.6714 26.4157 26.9125 26.7109
B (™) 7|7 073267 0.8341 08046  0.8147  0.8113  0.8126 |
B2 (z(R) 0.9767  1.0561  1.0255 1.0397 1.0337  1.0363
Bz (x®) | 1.2007 1.2181  1.2559  1.2405  1.2472  1.2444

The next iterations give the following results:

k 6 7 8 9 10 11
@™ (in %) | 41.0321 41.0430 41.0388 41.0405 41.0398 41.0401
2y (in %) | 32.1746 32.1977 32.1878 32.1920 32.1902 32.1909
2 (in %) | 26.7933  26.7593 26.7734 26.7676_ 26.7700  26.7690
61 () 7|7 08121 T0.8123 08122 0.8122  0.8122  0.8122 |
Bz (™) | 1.0352  1.0356  1.0354  1.0355 1.0355  1.0355
B3 (™) | 12456  1.2451  1.2453 12452  1.2452  1.2452

Finally, the algorithm converges after 14 iterations with the follow-
ing stopping criteria:

() _ 4] < 19

sup |z,
i
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and we obtain the following results:

Asset T MR; RC; RC;
1 41.04% 12.12% 4.97% 33.33%
2 32.19% 15.45% 4.97% 33.33%
3 26.77% 18.58% 4.97% 33.33%

We have:

Y= Bﬂ—rafn + diag (&f, e

We deduce that:

RC;

with:

or:

,57)

z; (Oop_y BiBro2,xy + 52w;)

o (x)

o (x)

n
§ : 2

B = Z‘kﬁkdm
k=1

The ERC portfolio satisfies then:

22 22
xif$iB + x;0; = xjB; B + x50

(:iBi — x;8;) B = (2357 — 757)

If 8; = B; = B, we have:

(z; — x;) BB = (23567 — x}

Because 5 > 0, we deduce that:

We conclude that the weight x; is a decreasing function of the

T >x; < m?&?
=4 xj&j
&S 0 <

specific volatility &;.

If 6, = 6; = 7, we have:

We deduce that:

(i —x;B;) B = (

T; >T; &

We conclude that the weight x; is a decreasing function of the

sensitivity ;.

2 2
J %

(ziBi —xjBj) B <0
<~ ’Ilﬂi < xjﬂj
& B < B
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(d) We obtain the following results:

Asset €Z; MRZ RCZ RC:

1 21.92% 19.73% 4.32% 25.00%
2 24.26% 17.83% 4.32% 25.00%
3 25.43% 17.00% 4.32% 25.00%
4 28.39% 15.23% 4.32% 25.00%

2.4 Computing the Cornish-Fisher value-at-risk
1. We have:

+oo
E[Xx*] = / r*"¢ (z) dz

_+Oo
= / 2" rrg (z) da
Using the integration by parts formula, we obtain®:
—+o0
E[X2] = [-2 ()] +(@n-1) / 2126 (2) da

+o0
(2n — 1)/_ 2" 2¢ (r) do

= (2n-1)E[X*"?]

We deduce that E [X?] =1, E [X*] = (2x2-1)E [X?] =3,E [X5] =
(2x3—1)E[X*] =15 and E [X8] = (2x 4 —1)E [X*] = 105. For the
odd moments, we obtain:

+oo

E [X2n+1] _ / m2n+1¢ (CC) dz
=0
because 2"+ 1¢ (z) is an odd function.
2. Let C} be the value of the call option at time t. The PnL is equal to:
= Cipq —Cy

We also have Siy1 = (14 Req1) Sy with Ryyq the daily asset return. We
notice that the daily volatility is equal to:
~32.25%

=2
V260 %

g

3because ¢’ (x) = —z¢ ().
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We deduce that Ryyq ~ N (0,2%).
(a) We have:

I ~ A(St+1_st)
= AR 1S

It follows that IT ~ N (0, AcS;) and:
VaR, = &' () AcS;

The numerical application gives VaR, = 2.33 dollars.

(b) In the case of the delta-gamma approximation, we obtain:
1
I ~ A (St+1 - St) + §F (StJrl — St)2
1
= ARt+1St + §FR§+1S§

We deduce that:

1
E [I] E [AR41S; + 5FR% 157

1
= §FSEE [Rt2+1]

1

and:

E[’] = E

1 2
<ARt+1St + 2rR§+1S§) ]
1
- E {NR?HSE + ATR},S? + 4F2R§+1Sﬂ
We have Ry1; = 0 X with X ~ A (0,1). It follows that:
3
E [II?] = A%62S7 + Zr%‘lsf

because E[X] =0, E [X?] = 1, E[X?] = 0 and E [X*] = 3. The
standard deviation of the PnL is then:

2
o) = \/A2a253 + %].—‘20'45;1 — (;FUQS?)

1
= \/A202St2 + §F204Sf
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Therefore, the Gaussian approximation of the PnL is:

1 1
I~N <2F025t27 \/A2025t2 + 2].—‘2045;1)

We deduce that the Gaussian value-at-risk is:

1 1
VaR, = —51—‘025? + ! (a) \/AQUQS,? + 51—‘20-4521

The numerical application gives VaR, = 2.29 dollars.

Let L = —II be the loss. We recall that the Cornish-Fisher value-
at-risk is equal to (TR-RPB, page 94):

VaR (a) = (L) + 2o (71,72) - 0 (L)

with:
Za ( ) = =z —1—1(22—1) +i(23—3z) -
a (71,72 aT 5 \Za gi! of \Fa a) 72
i(2z§;—5zoé)vf+---

36

and z, = &1 (a). 71 et y2 are the skewness and excess kurtosis of
the loss L. We have seen that:

1
II = AO'StX + QFO'QS?XQ
with X ~ A (0,1). Using the results in Question 1, we have E [X] =

E[X*] =E[X°] =E[X7] = 0,E [X?] = 1, E [X*] = 3, E [X®] =
15 and E [XS] = 105. We deduce that:

E[*] = E{A3035§X3+;A2ra4sfx4}+
3 2 505 yv5 1 3 .6 g6 6
1
= gA2F04Sf+§5FSUGS§S
and:

E

!

=

5
[

1 4
(AJStX + QPUQSEXZ) 1

45 105
= 3A%*S! + ?AQF%GSf + ﬁP‘*agsf
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The centered moments are then:

E [(H _E [H})S} = E[I*] - 3E [ E [112] + 2B [I1]
1
= gA2F04Sf + §5F3065§5 - 2A2F04Sf -
9 3 6 g6 2 3 6 g6
gI‘ oSy + §F 0’55
= 3Ao*S) + 130058
and:
E [(H - IE[H])‘*} — E[IY] —4E [ E [11%] + 6E2 [IT] E [11?] —
3E* (1]
45 105
= 3A%*S!+ ?AQF%GS? + Fr‘*assf -
15
9ATT20 5P — TS +
3 9 3
§A2F2065’f + §F4085t8 — Er‘lagsf

15
= 3A4¢74S,§1 + 15A2F2065§3 + ZF4OSS§
It follows that the skewness is:

n(L) = —ndh
E (- E[mm])’]
o? (1)
3A2T04 G} + [30658
(220252 + 11204 58)"/?
_ 6V2A%To* S} 4 212180050
(220257 + T20454)°/

whereas the excess kurtosis is:

Y2 (L) = (1)
E (- E )]
o (IT)
_ 3A%0*S} + 15AT?00S) + L1408 S} .,
- (A20257 + 1T20457)
1242126655 4+ 3708 58
(A20257 + 1T20457)
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Using the numerical values, we obtain p (L) = —0.0400, o (L) =
1.0016, 71 (L) = —0.2394, v2 (L) = 0.0764, 24 (71,72) = 2.1466 and
VaR, = 2.11 dollars. The value-at-risk is reduced with the Cornish-
Fisher approximation because the skewness is negative whereas the
excess kurtosis is very small.

(a) We have:
Y = XTAX
_ (2—1/2)()T $1/2 g31/2 (E_l/ZX)
_ XTAX
with 4 = XV2A%1/2 X ~ N (g, i), =2 and £ = 1. We
deduce that:

E[lY] = A Aj+tr (A)
= pu"Ap+tr (21/2A21/2)
= pAp+tr(AY)
and:
var(Y) = E[Y?] -E*[Y]

- 4ﬂTA2ﬂ+2tr(A2)
= 4pTASAp+ 2tr (21/2A2A21/2)

— 4 TASAp+ 2t ((Az)“')

(b) For the moments, we obtain:

E[Y] = tr(AY)

E[?] = (r(A%)] +2u ((4%)%)

E[Y?] = (r(A%) +6tr (A%) tr ((A%)?) +8tr ((4D)°)
E[Y'] = (tr(AD)* + 3240 (4%) tr ((A%)°) +

12 (n ((AE)2>)2 +12 (tr (A%))” tr ((A%)?) +
48 tr ((AZ)4)

It follows that the first and second centered moments are p (Y) =
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tr (AX) and var (Y) = 2tr ((AZ)Q). For the third centered mo-

ment, we have:

E[(y -E [Y])ﬂ = E[Y*] - 3E[Y?]E[Y] + 2B [Y]
= (tr(AD))* + 6tr (AD) tr ((AD)°) +
8tr ((AZ)3> — 3 (tr (AD))® —
6 tr ((AZ)Q) tr (AD) + 2 (tr (AD))?
= Str ((AZ)S)

whereas we obtain for the fourth centered moment:

E (Y—]E[Y])ﬂ = E[Y*] —4E[Y¥]E[Y]+6E [Y2] E2[Y] —
3E[Y]
= (tr(A%)* + 3260 (A%) tr ((4%)°) +
12 ( ((AE)2)>2 +48tr ((AZ)4)
12 (tr (A%))” tr ((A%)?) — 4 (tr (AT)" -
24 (tr (A%))* tr ((A%)%) -
32tr ((AE 3)
12tr ((A )
- O” 2

The skewness is then equal to:

r (AX) + 6 (tr (A%))* +

tr 2 3 (tr(Ax)*

ot
>>2+48tr( )"

e ()
<2tr( )?

22 tr (( 2)3)

(i ((a2)) ™

ny) =
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For the excess kurtosis, we obtain:

o - 12 (tr ((AE)2)>2 +A48tr ((AE)"‘) »

(2 tr ((Az)z))2

12tr ((AE)4)

(w(457)

II = QET (Ct-i-l - Ct)

. We have:

where C} is the vector of option prices.
(a) The expression of the PnL is:

M ~ z' (Ao(Sip1—51))
= a' ((AoS;)oRiy1)
= ATR

with A the vector of delta exposures in dollars:

A =205 ¢

Because Riy1 ~ N (0,X), it follows that IT ~ A (O, ATEA).
We deduce that the Gaussian value-at-risk is:

VaR, = 71 (0) VATEA
The risk contribution of option ¢ is then equal to:
o1 () (24) A8
VATSA
A, (zA),
VATSA

(b) In the case of the delta-gamma approximation, we obtain:

RCZ = X;

= o a

I ~ xT (A @) (St+1 — St)) +
1
§IT (F o (St+1 - Sf) (¢] (St+1 - St)T) X

- 1 -
ATRiq + iR,LJRH1
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with I the matrix of gamma exposures in dollars:

Ui j = @ia;Li 3Si4S),

We deduce that:

_ 1 -
E[] = E|:ATRt+1+2R:+1PRt+1:|
1 -
= SE [RLlFRtH]
1 .
- §tr(rz)
and:
var (I) = E_(HfE[H])Q}

. 1+ - 1 =)’
= E (ATRH_l + iR;r+1FRt+1 3 tr (FE))

— B |(87Ren) |+ B | (REFRe e (F)) ] +

E :(ATRM) RI TRy —tr (rz))]

TN L

[/ 2 1 .

- E _(ATRtH) |+ (RtTHFRtH)

— ATSA+ lu((fs)

- +3u((F3)
Therefore, the Gaussian approximation of the PnL is:

1 ~ ~ ~ 1 - \2
~ — T —
i N<2tr(FE>7\/A 2A+2tr<(FE) ))

We deduce that the Gaussian value-at-risk is:

VaR, = f% tr (fz) + 0! (a) \/ATEA + %tr ((fE)Q)

If the portfolio is delta neutral, A is equal to zero and we have:

1 .
II ~ iRTJrlFth
Let L = —II be the loss. Using the formulas of Question 3(b), we
obtain:

w(L) = f% tr (f‘E)
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m( )
(=()))

We have all the statistics to compute the Cornish-Fisher value-at-
risk.

Y2 (L) =

(d) We notice that the previous formulas obtained in the multivariate
case are perfectly coherent with those obtained in the univariate
case. When the portfolio is not delta neutral, we could then postu-

late that the skewness is*:

6V2ATSIEA + 2v2 tr ((fz)s)

<2ATEA +tr ((fz) 2) ) o

In fact, it is the formula obtained by Britten-Jones and Schaeffer
(1999)5.

(L) =~

5. (a) Using the numerical values, we obtain p (L) = —78.65, o (L) =
88.04, 1 (L) = —2.5583 and 7, (L) = 10.2255. The value-at-risk is
then equal to 0 for the delta approximation, 126.16 for the delta-
gamma approximation and —45.85 for the Cornish-Fisher approxi-
mation. We notice that we obtain an absurd result in the last case,
because the distribution is far from the Gaussian distribution (high
skewness and kurtosis). If we consider a smaller order expansion:

1 1
a(71,72)=za+6(22 D+ 57 (20 = 82) 72

the value-at-risk is equal to 171.01.

4You may easily verify that we obtained this formula in the case n = 2 by developing
the different polynomials.

SBRITTEN-JONES M. and SCHAEFFER S.M. (1999), Non-Linear Value-at-Risk, European
Finance Review, 2(2), pp. 167-187.
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(b) In this case, we obtain 126.24 for the delta approximation, 161.94
for the delta-gamma approximation and —207.84 for the Cornish-
Fisher approximation. For the delta approximation, the risk de-
composition is:
Option iz MRl RCl RC:
1 50.00 0.86 42.87  33.96%
2 20.00 0.77 15.38  12.19%
|3 |30.00 227 6198 5385% |
VaR,, 126.24 100.00%
For the delta-gamma approximation, we have:
Option €Z; MRZ RCZ RC:
1 50.00 4.06 202.92 125.31%
2 20.00 1.18 23.62  14.59%
| _ 3 _]30.00_ 104 3110 _19.21% |
VaR, 161.94 159.10%
We notice that the delta-gamma approximation does not satisfy the
Euler decomposition. Finally, we obtain the following ERC portfo-
lio:
Option Z; M’Rq RCz RC:
1 42.38 0.90 38.35  33.33%
2 37.16 1.03 38.35  33.33%
3 |2046 187 3835 33.33%
VaR, 115.05
2.5 Risk budgeting when risk budgets are not strictly
positive
1. (a) We obtain the following portfolio:
Solution 1 2 3 4 5 6 | o)
T; 20.29% 15.95% 20.82% 14.88% 9.97% 18.08% !
S MR, | 16.85% 16.07% 12.31% 0.00% 0.00% 0.00% : 8.55%
YR 3.42%  2.56%  2.56%  0.00% 0.00%  0.00% ; 07
RC; | 40.00% 30.00% 30.00%  0.00% 0.00%  0.00% '

We notice that the last three assets have a positive weight (z; > 0)
and a marginal risk equal to zero (MR; = 0). We deduce that the
number of solutions is 22 = 8 (TR-RPB, page 110).

(b) We obtain the following portfolio:
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Solution 1 2 3 4 5 6 )
T 33.77% 29.06% 37.18% 0.00% 0.00% 0.00% !

Sy MR; | 19.03% 16.59% 12.96% —4.54% —1.55% —2.39% : 16.07%
RC; 6.43%  4.82%  4.82% 0.00% 0.00% 0.00%
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% '

We notice that the marginal risk of the assets that have a nil weight
is negative. We confirm that that the number of solutions is 2% = 8
(TR-RPB, page 110).

(c) We obtain the six other solutions reported in Table 2.1.

TABLE 2.1: The six other RB portfolios

Solution 1 2 3 4 5 6 . o(z)
T; 25.57% 21.56% 28.38%  24.49% 0.00% 0.00% 1
S MR, | 18.07% 16.08% 12.21% 0.00% —0.99% —1.88% : 11.55%
RC 4.62%  3.47%  3.47% 0.00% 0.00% 0.00% , = ¢
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% 1
T; 27.27% 23.15% 29.60% 0.00%  19.98% 0.00% :
S MR; | 18.64% 16.47% 12.88% —4.12% 0.00% —2.43% | 12.71%
RC; 508% 3.81%  3.81% 0.00% 0.00% 0.00% '
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% :
T; 25.42% 20.34% 25.95% 0.00% 0.00%  28.29% 1
S MR; | 17.66% 16.55% 12.98% —3.93% —1.62% 0.00% : 11.22%
° RC; | 449%  3.37% 3.37%  0.00%  0.00%  0.00% , " °
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% 1
T; 23.31% 19.49% 25.61% 20.76% 10.84% 0.00% :
S MR, | 17.88% 16.03% 12.21% 0.00% 0.00% —1.94% |, 10.42%
° Re; 4.17%  3.13%  3.13% 0.00% 0.00% 0.00% 1~ 7
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% :
; 22.14% 17.61% 23.05% 17.89% 0.00%  19.32% ,
s MR; | 17.09% 16.11% 12.31% 0.00% —-1.11% 0.00% ! 9.46%
TORC | 378%  2.84%  284%  0.00%  0.00%  0.00% ,
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% |
T; 21.71% 17.09% 21.77% 0.00% 15.37% 24.05% !
S MR; | 17.25% 16.44% 12.90% —3.49% 0.00% 0.00% : 9.36%
® RC 3.75%  2.81%  2.81% 0.00% 0.00% 0.00% 1 ~°7°
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% !
2. (a) We obtain the following portfolio:
Solution 1 2 3 4 5 6 | o(x)
T; 33.77% 29.05% 37.18% 0.00% 0.00% 0.00% !
S MR, | 19.03% 16.59% 12.96% 4.54% —1.55% 2.39% : 16.07%
YORe 6.43%  4.82%  4.82% 0.00% 0.00% 0.00% "
RC; | 40.00% 30.00% 30.00% 0.00% 0.00% 0.00% '
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There is only one asset such that that the weight is zero (z; = 0)
and the marginal risk is negative (MR; < 0). We deduce that the
number of solutions is 2! = 2 (TR-RPB, page 110).

(b) The second solution is:

Solution

1

2

3

4

5

6

Xq
MR,

S2 RC;

RC;

27.27%
18.64%

5.08%
40.00%

23.15%
16.47%

3.81%
30.00%

29.60%
12.88%

3.81%
30.00%

0.00%
4.12%
0.00%
0.00%

19.98%
0.00%
0.00%
0.00%

0.00%
2.43%
0.00%
0.00%

solution (TR-RPB, page 101).

(b) We obtain the following portfolio:

(a) All the correlations are positive. We deduce that there is

only one

Solution

1

2

3

4

5

6

o (z)

T
MR;
RC;
RCY

S

33.78%
19.03%

6.43%
40.00%

29.05%
16.59%

4.82%
30.00%

37.17%
12.96%

4.82%
30.00%

0.00%
4.54%
0.00%
0.00%

0.00%
1.55%
0.00%
0.00%

0.00%
2.39%
0.00%
0.00%

16.07%

4. We obtain now:

Solution

1

2

3

4

5

6

o(x)

Zj
MR,
RC;
RC:

S1

33.77%
19.03%

6.43%
40.00%

29.05%
16.59%

4.82%
30.00%

37.17%
12.96%

4.82%
30.00%

0.00%
—0.61%
0.00%
0.00%

0.00%
—0.31%
0.00%
0.00%

0.00%
—0.48%
0.00%
0.00%

16.07%

We deduce that there are many solutions.

Remark 2 This last question has been put in the wrong way. In fact, we
wanted to show that the number of solutions depends on the correlation coef-
ficients, but also on the values taken by the volatilities. If one or more assets
which are not risk budgeted (b; = 0) present a negative correlation with the
assets which are risk budgeted (b; > 0), the solution may not be unique. The
number of solutions will depend on the anti-correlation strength and on the
volatility level. If the volatilities of the assets which are not risk budgeted are
very different from the other volatilities, the solution may be unique, because
the diversification effect is small.
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2.6 Risk parity and factor models
1. (a) We have:

o} = (AQAT +D)

N

3
2 2 ~2
> A7 i+ 5
j=1

The normalized risk decomposition with common and specific fac-
tors is then:
3
Z ci,j —+ 52 =1
j=1

with ¢; ; = A? .w?/0? and ¢ = 67/0?. We obtain the following

4,777
results:
1 o; Cil Ci2 Ci3 | 2?21 Cij C;
1| 18.89% 90.76% 0.28% 4.48% : 95.52% 4.48%
2 |22.83% 92.90% 1.20% 1.11% , 95.20% 4.80%
3125.39% 89.33% 0.35% 0.40% 1 90.07% 9.93%
4117.68% 81.89% 0.08% 10.03% : 92.00% 8.00%
5114.91% 44.99% 2.81% 7.20%  55.01%  44.99%
6| 28.98% 93.38% 0.48% 0.30% : 94.16% 5.84%

We notice that individual risks are mainly concentrated in the first
factor. We may then assimilate this factor as a market risk factor.
The expression of the correlation is:

(AQAT + D), .
pij = ———=
0303
_ Yoho AikAj R}
V(S At + o) (S, a2, +7)
We obtain:
100.0%

90.2%  100.0%
B 91.7%  91.1% 100.0%
P=1 794% 90.2% 83.4% 100.0%
68.7%  60.0% 64.1% 52.7% 100.0%
90.5%  93.0% 90.6% 89.4%  64.5% 100.0%
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(b) We obtain:

0.152 0.150 0.188 0.112 0.113 0.234
AT = —0.266 —0.567 —0.355 0.220 0.608 0.578
0.482 —-0.185 0.237 —-0.598 0.406 —0.171

The number of assets n is larger than the number of risk factors
m. We deduce that the Moore-Penrose inverse A* can be written
as the OLS projector:

1

At = (ATA) AT

We obtain:

0.152 —0.266 0.482
0.150 —-0.567 —0.185
0.188 —0.355 0.237
0.112 0.220 —0.598
0.113 0.608 0.406
0.234  0.578 —0.171

Bt =

R 0.579 —-0.385 —0.074  0.624 —0.045 —0.347
B=1 0064 0587 -0.519 0.109 0.525 -0.307
0.480 0.061 -0.588 —0.262 -0.399  0.439

0.579  0.064  0.480
—0.385 0.587  0.061
—-0.074 -0.519 —0.588

0.624  0.109 —0.262
—0.045 0.525 —0.399
—-0.347 -0.307  0.439

By construction, we have:

Bt =

BT =BT (BBT)™

(¢) The weights y and § are equal to:

y = Az
94.000%
10.000%
17.500%
and:
y o= Bz
1.445%
= 9.518%

—3.091%
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We have (TR-RPB, page 141):

T =T, +Tg

where x. = BTy is the exposure to common factors and =, = B*‘y
is the exposure to specific factors. We then obtain:

X Ti,c Ti,s
20.000% 20.033% —0.033%
10.000%  5.159%  4.841%
15.000% 18.234% —3.234%
5.000% 2.256% = 2.744%
30.000% 23.839%  6.161%
20.000% 24.779% —4.779%

DO W N .

(d) We recall that (TR-RPB, page 142):

MR(F;) = <A+<9U(x)>_

ox

wr(5) - (322)

We deduce that:

Factor Yj MR; RC; RC;
Fi 94.00% 20.02% 18.81% 97.95%
Fa 10.00% 1.09% 0.11% 0.57%

Fi 1.44% —0.20% 0.00% —0.01%
Fa 9.52%  0.50% 0.06%  0.25%

Rt A.Ft+€t

(A zn)<£t>

A'Fl +¢€,

., [(Q 0
*(4 )

with D’ = 0 and:
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We obtain:

Factor Yj MR;  RC, RC
Fi 94.00% 17.23% 16.19% 84.30%
Fa 10.00% 0.22% 0.02% 0.11%
F3 17.50%  0.42%  0.07%  0.38%

Fa 20.00%  2.38%  0.48%  2.48%
Fs 10.00% 2.711% 0.27% 1.41%
Fe 15.00% 3.37%  0.51%  2.64%
Fr 5.00% 1.82% 0.09% 0.47%
F3 30.00% 2.77% 0.83%  4.33%
Fo 20.00% 3.73%  0.75%  3.88%

We don’t find the same results for the risk decomposition with respect
to the common factors. This is normal because we face an identifica-
tion problem. Other parameterizations may induce other results. By
considering the specific factors as common factors, we reduce the part
explained by the common factors. Indeed, the identification problem
becomes less and less important when n/m tends to co.

(a) If we consider the optimization problem defined in TR-RPB on
page 144, we obtain:

Factor Yj MR, RC; RC;
F1 70.11% 18.05% 12.66% 78.72%
Fa 37.06% 3.39%  1.26% 7.81%
F3 39.44% 3.30%  1.30% 8.10%

We see that it is not possible to target a risk contribution of 10% for
the second and third risk factors, because the first factor explains
most of the risk of long-only portfolios. To have a smaller sensibility
to the first risk factor, we need to consider a long-short portfolio.

(b) In terms of risk factors, we obtain:

Factor Y MR; RC; RC;
Fi 27.63% 6.72% 1.86%  10.00%
Fa 107.39% 6.92% 7.43%  40.00%
F3 107.23% 6.93% 7.43%  40.00%

Fi 24.27% —0.09% —0.02% —0.12%
Fo 38.77% 3.58% 1.39% 7.47%

o () 18.57%
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We deduce the following RB portfolio:

Asset T MR; RC; RC;

1 33.52%  7.21% 2.42% 13.01%
2 —64.47%  3.85% —2.48% —13.36%
3 -16.81% 6.87% —1.16% —6.22%
4 —12.44%  2.15% —0.27% —1.44%
5
6

139.75% 13.08% 18.27% 98.42%

o () 18.57%

(¢) In terms of risk factors, we obtain:

Factor Yj MR; RC; RC
Fi 23.53%  4.8™% 1.15% 5.00%
Fa 220.92% 9.33% 20.62% 90.00%
F3 40.05% 2.86% 1.15% 5.00%
Fi 71.12% 0.27% 0.19% 0.83%

]52 —-12.15% 2.59% —-0.32% —1.38%
|73 | T1220% —L04%__0.13% _ 0.56%
o () 22.91%

We deduce the following RB portfolio:

Asset T MR; RC; RC;

1 —-1.43% 3.76% —0.05% —0.24%
2 —-164.36% 1.18% —-1.95% —8.50%
3 -56.24% 2.86% —1.61% —7.02%
4 73.59%  3.55% 2.61% 11.39%
5
6

148.43% 10.30% 15.28%  66.69%
100.02%  8.63% 8.63% 37.67%

(d) In terms of risk factors, we obtain:

Factor Y MR; RC; RC;
Fi 26.73% 4.70% 1.26% 5.00%
Fo 43.70% 2.87% 1.26% 5.00%
F3 239.40% 9.44%  22.60% 90.00%
Fi 70.84% 0.27% 0.19% 0.77%
Fo 14.03% 1.92% 0.27% 1.07%
F3 26.81% —1.72% —0.46% —1.84%
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We deduce the following RB portfolio:

Asset xX; MRZ RCZ RC:

1 162.53%  7.83% 12.73% 50.67%
2 —82.45%  1.81% —1.50% —5.96%
3 17.99%  6.66% 1.20%  4.77%
4 —-91.93% —1.714% 1.60%  6.35%
5
6

120.33% 10.19% 12.26% 48.80%
—26.47%  4.40% —1.16% —4.64%

o (z) 25.12%

(e) To be exposed to the second factor, we use a portfolio which is
long on the first three assets and short on the last three assets.
This result is coherent with the matrix A. We obtain a similar
result if we want to be exposed to the third asset. Nevertheless,
the figures of risk contributions may be confusing. We might have
thought that the risk was split between the long leg and the short
leg. It is not the case. Nonetheless, this is normal because if the
risk is perfectly split between the long leg and the short leg, the
risk exposure to this factor vanishes!

2.7 Risk allocation with the expected shortfall risk mea-
sure

1. (a) We have:

It follows that:
L(z) ~N(—p(z),0(x))

with g (z) =2y and o (z) = Va T Sz

(b) The expected shortfall ES, (L) is the average of value-at-risks at
level o and higher:

ES, (L) =E[L| L > VaR, (L)]
We know that the value-at-risk is (TR-RPB, page 74):

VaR, (z) = —z " p+ & ! (o) Va T3z
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We deduce that:

-ty [t (2 ) o

where u= = —p(z) + o (z) ! (). With the change of variable
t=o0(x)"" (u+t p(z)), we obtain:

1 o

ESoy () = —— (—p(z)+o(x)t) % exp (—;t2> dt

1l—«a S 1(a) 27
R C) oo
= 1o 2 Wlemay *
o (z)

W[:i(a)texp (—;ﬂ) dt

= —u(z)+ (l_go(j)\/ﬂexp (; (! (a)]Q)

The expected shortfall of portfolio z is then (TR-RPB, page 75):

B (0) = o+ 20D Vi

The vector of marginal risk is defined as follows (TR-RPB, page
80):

MR — 3E§(;(x)
0@ ()
B e 1-a) VaTxz

We deduce that the risk contribution RC; of the asset 7 is:

¢ (27 (@) @; - (S),

?

(1-a) VaTzsz

= —Xil; +
It follows that:

= - ¢ (27 () @i - (Bx),
RCl = —Tif; + t

1-a) VaTsz
¢ (@ () 2" (Za)
1-a) VaTxz

= 7ITPJ+

= ES, ()
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The expected shortfall then verifies the Euler allocation principle
(TR-RPB, page 78).

2. (a) We have:

Asset T MTR; RC; RC
1 30.00% 18.40% 5.52%  45.57%
2 30.00% 22.95% 6.89%  56.84%
3 40.00% —0.73% —0.29% —2.41%

Asset ZT; M'R,l RCz RC:
1 18.53% 14.83% 2.75% 33.33%
2 18.45% 14.89% 2.75% 33.33%
3 63.02%  4.36% 2.75% 33.33%

(c) If the risk budgets are equal to b = (70%, 20%, 10%), we obtain:

Asset ZT; M Ri RCz RC:
1 33.16% 21.57%  7.15% 70.00%
2 15.91% 12.85%  2.04% 20.00%
3 50.93%  2.01% 1.02% 10.00%

ES. (2) 10.22%
(d) We have:
Asset €Ty M’R,z RCZ RC:
1 80.00% 21.54% 17.24% 57.93%
2 50.00% 21.49% 10.75% 36.12%
3| -B000% 59 1TT%  5.91%
ES. (2) 29.75%

We notice that the risk contributions are all positive even if we con-
sider a long-short portfolio. We can therefore think that there may
be several solutions to the risk budgeting problem if we consider
long-short portfolios.

(e) Here is a long-short ERC portfolio:

Asset X MR, RC; RC:
1 38.91%  13.22%  5.14% 33.33%
2 —21.02% —24.47% 5.14% 33.33%
3 82.11% 6.26% 5.14% 33.33%

'ES, () | 15.43% ]
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Nevertheless, this solution is not unique. For instance, here is an-
other long-short ERC portfolio:

Asset T MR; RC; RC
1 —58.65% —23.04% 13.51% 33.33%
2 —40.03% —33.75% 13.51% 33.33%
3 198.68% 6.80% 13.51% 33.33%
'ES, () | 40.53% ]

(f) Here are three long-short portfolios that satisfy the risk budgets
b= (70%,20%, 10%):

Solution | Asset T; MR; RC; RCY

1 115.31%  23.56% 27.17% 70.00%

3 2 45.56%  17.04%  7.76% 20.00%

! 3 —60.87% —6.38%  3.88% 10.00%
ES, () 38.81%

1 60.76%  20.97% 12.74% 70.00%

s 2 —20.82% —17.48%  3.64% 20.00%

2 3 60.07% 3.03%  1.82% 10.00%
ES, (z) 18.20%

1 —72.96% —24.32% 17.74% 70.00%

S 2 54.53% 9.30%  5.07% 20.00%

3 3 118.43% 2.14%  2.53% 10.00%
ES, (2) 25.34%

(g) Contrary to the long-only case, the RB portfolio may not be unique
when the portfolio is long-short.

(a) We have:

L(x)

— i :I?iRl‘
i=1
i=1

with L; = —x; R;. We know that (TR-RPB, page 85):
RC; = E[L;|L > VaRg (L)]
E [Lz -1 {L > VaR, (L)}]
E[T{L > VaRa (L)}

E[L; - 1{L > VaR, (L)}]
1l-«a

We deduce that:
RC; = _1”” E[R; - 1{R(z) < — VaR, (L)}]

—
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(b) We know that the random vector (R, R (x)) has a multivariate nor-
mal distribution:

(at )~ () (Fre )

We deduce that:

(ot )~ ((5) (B, 52)

Let I = E[R;-1{R(x) < —VaR, (L)}]. We note f the den-
sity function of the random vector (R;, R(x)) and p =

n 12 (xTZx)fl/z (Xx),; the correlation between R; and R (z). It

i

follows that:

I = /+oo/+oor-1{s§—VaRa(L)}f(r,s)drds

400 p—VaR4 (L)
= / / rf(r,s) drds

Let t = (r— ;) /\/Si; and u = (s —z " p) /Va TSz, We deduce

thatS:

too THa) Yy /3t t? 4+ u? — 2pt
I:/ / Mi’exp (_—|—upu> dt du

oo oo 2my/1 — p? 2(1—-p?)
By considering the change of variables (¢,u) = ¢ (¢,v) such that

u = pt + /1 — p2v, we obtain”:
+oo  rg(t) i+ /Tt 2 2
I = / / R Vit exp | — v dtdv
oo J—oo 2m 2
+o0 g(t) 1 t2 2
i / / —exp | — v dtdv +
oo J_oo 2T 2
+o0 g(t) t t2 2
«/E,;i/ / exp( v >dtdv+
TS Joso 2m 2
= pidy + /il

where the bound g (¢) is defined as follows:

P (1—a)—pt

g(t) = i 2

6Because we have ®~1 (1 — a) = —®~1 (a).
"We use the fact that dtdv = /1 — p2 dt du because the determinant of the Jacobian
matrix containing the partial derivatives Dy is /1 — p2.
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For the first integral, we have®:

+oo 1 t2 g(t) 1 U2
L = exp exp — | dv | dt
cmer ()L e (3)

B oo 1 (1—a)—pt
_ /_Ooq>< — )(;S(t)dt

= l—-a

The computation of the second integral I, is a little bit more te-
dious. Integration by parts with the derivative function t¢ (t) gives:

B Foo O (1 —a)—pt

I, = /OO<I>< \/1_72 >t¢>(t)dt
oo 1foz) pt
S ( )W)dt
+oo _ (I)fl _

_71’)_?2«5(@*1(1—04)) /m ¢<t £ 1_(;2 a)> at

= —pp (271 (1~a))
We could then deduce the value of I:

I = pi(l=a)=py/Sio (27 (1-a))

wi (1 —a) — \/(:cTigx (<I>_1 (a))

We finally obtain that:
¢ (@ (a)) ;- (Z2),
(I-a) VaTxz
We obtain the same expression as found in Question 1(c).
(c) We have

RC; = —xijp; +

RC; =~~~ E[R; - 1{R(x) < ~ VaRq (L)}]

Let R;; be the asset return for the observation ¢t. The portfolio
return is then Ry (z) = Y ., x;R;; at time ¢. We note R;.7 () the
4 order statistic. The estimated value-at-risk is then:

VaRa = _R(l—a)T:T (LU)

)

8We use the fact that:

where T ~ N (0, 1).
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We deduce that the estimated risk contribution is:

RCi: mZRZt 1{Rt <R(1 a)TT( )}

‘We note RCZ(-j ) the estimated risk contribution of the asset i for the
simulation j:

T
G) _ Z; (4) ) €]
Re =~ SR R @) < B ()]
t=1

where Rl(jt) is the simulated value of R;; for the simulation j. We
consider one million of simulated observations? and 100 Monte
Carlo replications. We estimate the risk contribution as the average

of RCZQ):
100

Ci =100 ZRC

Using the numerical values of the parameters, we obtain the fol-
lowing results:

Asset T MR, RC; RC}
1 30.00% 29.12% 8.74% 25.91%
2 30.00% 36.48% 10.94% 32.46%
3 40.00% 35.11% 14.04% 41.63%

If v; = oo, we have:

MNN(OJ)

i

One would think that this numerical application is very close to
the one given in Question 2(a). However, we obtain very differ-
ent risk contributions. When we assume that asset returns are
Gaussian, the risk contribution of the third asset is negative
(RC; = —2.41%) whereas the third asset is the main contributor
here (RC; = 41.63%). It is due to the fat tail effect of the Student
t distribution. This effect also explains why the expected shortfall
has been multiplied by a factor greater than 2.

91t means that 7" = 1000 000.
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2.8 ERC optimization problem
(a) The weights of the three portfolios are:

Asset MV ERC EW

1 87.51% 37.01% 25.00%
2 4.05% 24.68% 25.00%
3 4.81% 20.65% 25.00%
4 3.64% 17.66% 25.00%

(b) The Lagrange function is:
L(z; M 0,h) = VaTSz—Aa—X(1Tz—1) -
Ae (Zn: Inz; — c)
i=1
(\/m— )\Ciln:m) W

i=1
Ao (le — 1) + AcC

We deduce that an equivalent optimization problem is:
n
¥ (A\e) = argminVvViTET — A, Z Inz,;

=1
e 1Tz2=1
" >0

We notice a strong difference between the two problems because
they don’t use the same control variable. However, the control vari-
able c of the first problem may be deduced from the solution of the

second problem:
c= Z Inz; (Ae)
i=1
We also know that (TR-RPB, page 131):

n
c_ < Zlnxi <cy
i=1

where c_ = >"" | In(21y); and ¢y = —nlInn. It follows that:
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If ¢ € Je—, c4 [, there exists a scalar A, > 0 such that:
¥ (¢) =% (\e)

(c) For a given value A. € [0,+o0[, we solve numerically the second
problem and find the optimized portfolio #* (A.). Then, we calcu-
late ¢ = .1 In@¥ (\.) and deduce that z* (¢) = &* (\.). We fi-
nally obtain o (z* (¢)) = o (Z* (A\c)) and Z* (z* (¢)) = I* (Z* (\.)).
The relationships between A., ¢, Z* (z* (¢)) and o («* (¢)) are re-
ported in Figure 2.4.

13.0 13.0
12.5 12.5
12.0 12.0
~ ~
N N
c 115 c 115
= &)
<110 110
X X
Y %
10.5 10.5
10.0 10.0
9.5 9.5
0.0 0.1 0.2 0.3 0.4 0.5 -10 -9 -8 -7 -6 -5
A c
13.0
12.5
12.0
~
N
c 1.5
£
£11.0
X
v
10.5
10.0
9.5
0 1 2 3 4
I*(x*)

FIGURE 2.4: Relationship between A, ¢, Z* (x* (¢)) and o (z* (¢))

(d) If we consider Z* (RC) in place of o (z* (¢)), we obtain Figure 2.5.

(e) In Figure 2.6, we have reported the relationship between o (2* (c))
and Z* (RC). The ERC portfolio satisfies the equation Z* (RC) = n.

2. (a) Let us consider the optimization problem when we impose the con-
straint 172 = 1. The first-order condition is:
do(x) Ae

“XNi—X—-=5=0
6xi 0 ZT;

Because z; > 0, we deduce that A; = 0 and:

o (2)

i =A i )\c
X 81‘1 0TLi +
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FIGURE 2.5: Relationship between A, ¢, Z* (x* (¢)) and Z* (RC)

4.5

I*(RC)

1.5 L I L I L I L I L I L I L |
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FIGURE 2.6: Relationship between o (z* (¢)) and Z* (RC)



92

Introduction to Risk Parity and Budgeting

If this solution corresponds to the ERC portfolio, we obtain:
RC; = RC] S Ao + A = )\01‘j + Ae
If Ao # 0, we deduce that:

IIZi:iL’j

It corresponds to the EW portfolio meaning that the assumption
RC; = RC; is false.

If ¢ is equal to —10, we obtain the following results:

Asset xT; MRl RC1 RC:
1 12.65%  7.75% 0.98% 25.00%
2 8.43% 11.63% 0.98% 25.00%
3 7.06% 13.89% 0.98% 25.00%
4| G03%_ 1625% D98% _25.00%
o (z) 3.92%
If ¢ is equal to 0, we obtain the following results:
Asset T MR, RC; RC}
1 154.07"%  7.75% 11.94% 25.00%
2 [102.72% 11.63% 11.94% 25.00%
3 85.97% 13.89% 11.94% 25.00%
4| T350% 16.25% 11.94% 25.00% |
o (x) 47.78%
In this case, the first-order condition is:
0o (x) Ac
—-A——=0
3 Z; Z;
As previously, A\; = 0 because x; > 0 and we obtain:
do (x)
4 = )\c
.’ﬂ 0 ZT;

The solution of the second optimization problem is then a non-
normalized ERC portfolio because Y-, ; is not necessarily equal

1=

to 1. If we note cere = Y1y In (Terc);, we deduce that:

argmin Vz ' X
u.c { Z?zl 111131' Z Cerc

x>0
Let 2* (¢) be the portfolio defined by:

C — C,
z* (C) = exp (n crc) Terc

xerc
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We have z* (¢) > 0,
() Sa* (¢) = exp ( - ) e Stere
n

and:

n

Zln xf(e) = Zln (exp <C_ncerc> xerc)
i=1 i

i=1

n

= C— Cect+ Z In (xerc)i
i=1

= ¢

We conclude that «* (¢) is the solution of the optimization problem.
x* (c) is then a leveraged ERC portfolio if ¢ > ¢y and a deleveraged
ERC portfolio if ¢ < ¢ere. In our example, cere is equal to —5.7046.
If ¢ = —10, we have:

exp (C_ncerc) =34.17%

We verify that the solution of Question 2(b) is such that > | x; =
34.17% and RC} = RC}. If ¢ = 0, we obtain:

exp <H> = 416.26%
n

In this case, the solution is a leveraged ERC portfolio.

(e) From the previous question, we know that the ERC optimization
portfolio is the solution of the second optimization problem if we use
Cerc for the control variable. In this case, we have > | z} (Cere) =
1 meaning that e, is also the solution of the first optimization
problem. We deduce that A\g = 0 if ¢ = ¢ere. The first optimization
problem is a convex problem with a convex inequality constraint.
The objective function is then an increasing function of the control
variable c:

1 <ca=o(x*(e1)) > o (x* (e2))

We have seen that the minimum variance portfolio corresponds to
¢ = —oo, that the EW portfolio is obtained with ¢ = —nlnn and
that the ERC portfolio is the solution of the optimization problem
when ¢ is equal to cerc. Moreover, we have —o0 < cope < —nlnn.
We deduce that the volatility of the ERC portfolio is between
the volatility of the long-only minimum variance portfolio and the
volatility of the equally weighted portfolio:

0 (Tmy) < 0 (Tere) < 0 (Tew)
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2.9 Risk parity portfolios with skewness and kurtosis

1. (a) We use the formulas given in TR-RPB on page 94. The mean pu

corresponds to Mji:
0.225%
uw= | 0.099%
0.087%

Let p, be the centered r-order moment. We have o = /s, 71 =
,ug/ug/Q and o = p4/p3—3. The difficulty is to read the good value
of l,usf) for the asset i from the matrices My, M3 and M4. We have

uﬁf) = (M,), ; where the index j is given by the following table:

]

r
12 3 4
111 1 1
212 5 14
313 9 27

The volatility is then:

2.652%
o= 0.874%
2.498%

For the skewness, we obtain:
—0.351
v = —0.027
—0.248

whereas the excess kurtosis is:

1.242
vo=| —0.088
0.930

Let x be the portfolio. We know that (TR-RPB, page 94):
')
1

We obtain p (IT) = 13.732x 1074, o (I1) = 2.706 x 1074, pg (1) =
—1.117 x 107% and py (IT) = 0.252 x 1076.

pr (I1) = x M, (J

I &=
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(¢c) We have:
w(l) = —p (1) =-0137%
o (L) = +/pa(ID) = 1.645%
I
(L) = —iiELg —0.251
4 (11
(L) = i‘lELi = 0.438

(d) The risk allocation of the EW portfolio is:

Asset XT; M'Rq, RCZ RC:
1 33.333% 3.719% 1.240% 48.272%
2 33.333% 0.372% 0.124%  4.825%
3 33.333% 3.614% 1.205% 46.903%
| VaR, () | 2568% ]

(e) If we consider the Cornish-Fisher value-at-risk, we get:

Asset x; MR, RC; RC}
1 33.333% 3.919% 1.306% 48.938%
2 33.333% 0.319% 0.106%  3.977%
3 33.333% 3.770% 1.257% 47.085%
| VaR, (z) | 2669% |
(a) We obtain the following results:
Asset T; MR; RC; RC;
1 17.3711% 3.151% 0.547% 33.333%
2 65.208% 0.840% 0.547% 33.333%
3 17.421% 3.142% 0.547% 33.333%
| VaR, (=) | 1642% |

95

(b) If we consider the Cornish-Fisher value-at-risk, the results become:

Asset ZT; MRZ RCZ RC:
1 17.139% 3.253% 0.558% 33.333%
2 65.659% 0.849% 0.558% 33.333%
3 17.202% 3.241% 0.558% 33.333%
| VaR, (z) |  1673% |

We notice that the weights of the portfolio are very close to the
weights obtained with the Gaussian value-at-risk. The impact of
the skewness and kurtosis is thus limited.
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(¢) If « is equal to 99%, the ERC portfolio with the Gaussian value-

at-risk is:
Asset T MR; RC; RC}
1 17.403% 4.559% 0.793% 33.333%
2 64.950% 1.222% 0.793% 33.333%
3 17.647% 4.497% 0.793% 33.333%
| VaR, (z) |  2380% ]

whereas the ERC portfolio with the Cornish-Fisher value-at-risk is:

Asset ZT; MRz RCZ RC:
1 16.467% 4.770% 0.785% 33.333%
2 67.860% 1.157% 0.785% 33.333%
3 15.672% 5.012% 0.785% 33.333%
| VaR, (z) |  235%6% |

The impact is higher. In particular, we see that the weight of bonds
increases if we take into account skewness and kurtosis.



Chapter 3

Exercises related to risk parity
applications

3.1 Computation of heuristic portfolios
1. All the results are expressed in %.

(a) To compute the unconstrained tangency portfolio, we use the ana-
lytical formula (TR-RPB, page 14):

* = ! (M B Tl)
1721 (p—r1)
We obtain the following results:

Asset x; MR, RC; RC}
1 11.11%  6.56% 0.73%  5.96%
17.98% 13.12% 2.36% 19.27%
2.55%  6.56% 0.17% 1.37%
33.96% 9.84% 3.34% 27.31%
34.40% 16.40% 5.64% 46.09%

T W N

(b) We obtain the following results for the equally weighted portfolio:

Asset ZT; MRl RCZ RC:
1 20.00% 7.47% 1.49% 13.43%
20.00% 15.83% 3.17% 28.48%
20.00% 9.98% 2.00% 17.96%
20.00% 9.89% 1.98% 17.80%
20.00% 12.41% 2.48% 22.33%

T W N

(¢) For the minimum variance portfolio, we have:

Asset T MR; RC; RCY
1 74.80% 9.08% 6.79% 74.80%
2 —15.04% 9.08% —1.37% —15.04%
3 21.63% 9.08% 1.96% 21.63%
4 10.24% 9.08% 0.93% 10.24%
5 8.36% 9.08% 0.76% 8.36%

97
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(d) For the most diversified portfolio, we have:

Asset

Zq

MR;

RC;

RC?

1

T W N

—14.47%
4.83%
18.94%
49.07%

41.63%

4.88%
9.75%
7.31%
12.19%
14.63%

—0.71%
0.47%
1.38%
5.98%
6.09%

—5.34%
3.56%
10.47%
45.24%
46.06%

(e) For the ERC portfolio, we have:

Asset

T

MR,

RC;

RC?

1

U W N

27.20%
13.95%
20.86%
19.83%
18.16%

7.78%
15.16%
10.14%
10.67%
11.65%

2.12%
2.12%
2.12%
2.12%
2.12%

20.00
20.00
20.00
20.00
20.00

p (@)
o(x)

SR (z|r)

o(z|b)
A (x| 0b)
p(x[b)

= MTJ/‘

(f) We recall the definition of the statistics:

= Vz'lzx

plx)—r

o (x)

= \/(x—b)TE(:r—b)
x ' 3b

We obtain the following results:

ADY

b
D)

VeTZxVbTEb

Statistic

x*

er

me

Tmdp

xerc

p ()
o (x)
SR (x| r
( | 0)

9.46%
12.24%
60.96%

0.00%

100.00%
100.00%

8.40%
11.12%
57.57%

4.05%
85.77%
94.44%

6.11%
9.08%
45.21%
8.21%
55.01%
74.17%

9.67%
13.22%
58.03%

4.06%

102.82%
95.19%

8.04%
10.58%
57.15%

4.35%
81.00%
93.76%

We notice that all the portfolios present similar performance in
terms of Sharpe Ratio. The minimum variance portfolio shows the
smallest Sharpe ratio, but it also shows the lowest correlation with

the tangency portfolio.
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2. The tangency portfolio, the equally weighted portfolio and the ERC
portfolio are already long-only. For the minimum variance portfolio, we

obtain:
Asset xX; MRl RCZ RC:
1 65.85% 9.37% 6.17% 65.85%
2 0.00% 13.11% 0.00% 0.00%
3 16.72%  9.37% 1.57% 16.72%
4 9.12% 9.37% 0.85%  9.12%
5 832% 9.37% 0.78%  8.32%
whereas we have for the most diversified portfolio:
Asset ZT; MRIL ’R,Cz RC:
1 0.00%  5.50% 0.00% 0.00%
2 1.58%  9.78% 0.15%  1.26%
3 16.81%  7.34% 1.23% 10.04%
4 44.13% 12.23% 5.40% 43.93%
5 37.48% 14.68% 5.50% 44.77%
The results become:
Statistic z* Tow Ty Zmdp Terc
w(x) 9.46% 8.40% 6.68% 9.19%  8.04%
o (z) 12.24% 11.12%  9.37% 12.29% 10.58%
SR(xz|r)| 60.96% 57.57% 49.99% 58.56% 57.15%
o(x|b) 0.00% 4.06% 7.04% 3.44% 4.35%
B(x|b) |100.00% 85.77% 62.74% 96.41% 81.00%
p(z|b) | 100.00% 94.44% 82.00% 96.06% 93.76%

3.2 Equally weighted portfolio

1. (a) The elements of the covariance matrix are ¥; ; = p; jo;0;. If we
consider a portfolio z = (z1, ...,

VT

o (x)

For the equally weighted portfolio, we have z; = n~

E Pi,j0i0;

i>j

1 n
O'(CE):E ZU?—&—Z
i=1

Zn), its volatility is:

n

2 2 E P
E rio; + 2 TiTjP;,j0;0
i=1

i>7

L and:
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(b) We have:

and:

o1(z) =

-
Il
—

I
S|~ S|
=] IV
8 |
VIR
uq bq

i=1  j=1
2
n
1
= — o;
n :
i=1
2
_ i=1%i
n
= 0

(c) If 0; = 0 = 0, we obtain:

g
0'(1‘) = E ln+2zpi7j
i>]

Let p be the mean correlation. We have:

2
p= nginZPi,j

1>7

We deduce that:
n(n—1)_
E Pij = 9 P

1>7

We finally obtain:

o(xz) = % n+n(n—1)p
_ it Dp

When p is equal to zero, the volatility o (x) is equal to o/y/n. When
the number of assets tends to 400, it follows that:

lim o (x) =0+vp

n—oo
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(d) If p; ; = p, we obtain:

1 n n
o(x) = - ;;pmmaj
1 n n n n
= = ZU?—FpZZain—pZof
n\ i=1 i=1 j=1 i=1

= % (L=p)Y o?+p) > oio;
i=1

i=1 j=1

We have:
and:

It follows that:

o (2) = /(1 - p) o3 (2) + po? ()

When the correlation is uniform, the variance o2 () is the weighted

average between o3 (z) and o7 ().

(a) The risk contributions are equal to:

In the case of the EW portfolio, we obtain:
Y1 P00}
n2o? (z)

07 + 00 Y PO
n2o? (x)

RC:

(b) If asset returns are independent, we have:
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In the case of perfect correlation, we obtain:

OF + 000
n2g?
ag; Ej gj
n2g2
i

RC: =

no
If 0; = 0 = 0, we obtain:

o® +o? Zj;&i Pij
n2o? (z)
o2+ (n—1)c%p;
n2o? (x)
1+(n—1)p;
n(l+(n—-1)p)

RC: =

It follows that:
1 — 1) p; 0;
i LE =D pi
n—oo 1+ (n—1)p  p
We deduce that the risk contributions are proportional to the ratio
between the mean correlation of asset ¢ and the mean correlation

of the asset universe.

We recall that we have:

o (x) = /(1 - p) o} (a) + po? ()
It follows that:

(1 —p) oo (z) 0,00 () + poi1 (x) Dy, 01 ()
V(1= p)od (x) + poi (x)

(1 —=p)oo (z)RCo,i + po1 (x) RCy

V(1= p) ot (x) + poi ()

We then obtain:

* (1 — P) 0—8 (.’E) * PO1 (.’E) *
RC; = ———"——7RC;,; + ———RCi;
7 0_2 ($) 0,2 + 0_2 (.’L‘) 1,2
We verify that the risk contribution RC; is a weighted average of
RCG,; and RCT ;.

We have:
Y =p88"02 +D
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We deduce that:

J(x):% 03,12251—/3#;53

i=1 j=1

(b) The risk contributions are equal to:
i - (X),
o (x)

In the case of the EW portfolio, we obtain:

x; - (Jrznﬂi > i1 B+ %51-2)
n?o (x)
omBi i1 By + 67
n2o (x)
nUTQnﬁiB + 52»2
n2o (x)

RC; =

RC, =

(¢) When the number of assets is large and 3; > 0, we obtain:

_onBiB
RCi = no ()

because /3 > 0. We deduce that the risk contributions are approxi-
mately proportional to the beta coefficients:

'RC?:L

Z?:l 5j
In Figure 3.1, we compare the exact and approximated values of
RC}. For that, we simulate §; and &; with j3; ~ Ujo.5,1.5) and G; ~
Upo,20%) Whereas o, is set to 25%. We notice that the approximated
value is very close to the exact value when n increases.

3.3 Minimum variance portfolio

1. (a) The optimization program is:
*

1
z = argmin Qa:TEx

we. 1Tz=1
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FIGURE 3.1: Comparing the exact and approximated values of RC}

We can show that the optimal portfolio is then equal to (TR-RPB,
page 11):

!

S 1Te 11

Let C = C,, (p) be the constant correlation matrix. We have ¥ =
oo'oCand 7t =ToC ! with[;; = (O’Z‘O'j)il. The computation
of C~1 gives!:

:I;*

L plT —((n=1)p+ 1)1,
S (n-1)p=(n-2)p-1
Because tr (AB) = tr (BA), we obtain:

C

Sy p i)
(= )i’ji(n—l)pQ—(n—Q)p—l( )
if i # j and:
1y (n—2)p+1 o2
(E )i,ji (n_l)pQ_(n_Q)p_l %

1We use the relationship:

with C the cofactor matrix of C.
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It follows that:

1 _ (n—2)p+1 o2
e S el = T
p o)t
2 DA =21

j#i
(=1 p+ 1)o7+ pY (0105) "
-1 —(n-2)p—1

We deduce that:

. —((n=1)p+ 1o, +p>7_, (5i0;) "
Sis (— (=D p+ 1o+ p X, (oney) )

x —((n-1)p+1)o;>+p> (0i0;)""
j=1

When p = 1, we obtain:

<%

n
x —no; 2+ Z (Uﬂ)’j)il
j=1

n
_ -1 -1 -1
= o; g o, —no;
j=1

= na;l (H_1 —0;1)

-1
no.
= H;i (0i — H)

where H is the harmonic mean:

—1

1 _
H = ﬁZle

j=1

The weights are all positive if the sign of o; — H is the same for all
the assets. By definition of the harmonic mean, the only solution
is when the volatilities are the same for all the assets.

When p = 0, we obtain ] o —0[2. Because 1T z* = 1, the solution
is:
-2
o= —Ji

' Z;‘L:1 ‘71‘_2

The weight of asset i is inversely proportional to its variance.
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(d) We have:

C = pi1' —(p-1)1I,
= p<117_(p_1)1n>
P

Let P4 (\) be the characteristic polynomial of A. It follows that:

-1
detC = p"det (11T — (pp)ln)

- e (55
o (5 (5

= (1-p)" ((n=1)p+1)

A necessary condition for C' to be definite positive is that the de-
terminant is positive:

1
detC >0 p>———

n—1
The lower bound is then p~ = — (n — 1) ™", In this case, we obtain:
2 o —— f: (0505) "
7 n _1 . ™)
j=1
We deduce that:
n -1
e Zj:l (0io;)
7 n n -1
> ket 23:1 (0io;)
-1
o

Z?=1 o '
When p = p~, the MV portfolio coincides with the ERC portfolio.
(e) We have
= _aitb
CoYai by
with:

a = (n—1)po;>

i = 0 7=pY (o))"
=1
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If p7 < p <0, we have a; < 0 and b; > 0. We would like to show
that 7 or equivalently a; + b; is positive. We then have to show
that:

pn(o;' —H ) +(1—-p)o;' >0

for every asset. If o; > H, this inequality is satisfied. If o; < H, it

means that:
-1

If p~ < p <0, we conclude that 7 > 0. Moreover, we know that if
p =1, at least one asset has a negative weight. It implies that there
exists a correlation p* > 0 such that the weights are all positive if
p < p*. It is obvious that p* must satisfy this equation:

—(n=1)p+1)o; +p> o7 =0
j=1

for one asset. We finally obtain:

with o4 = supo;.

(f) We have reported the relationship between inf z} and p in Figure
3.2. We notice that inf z] is close to one for the second set of pa-
rameters (i.e. when the dispersion across o; is high) and inf 7} is
close to zero for the third set of parameters (i.e. when the dispersion
across o; is low). We may then postulate these two rules?:

li *=0
Var(}rri[)lﬁo P
and:
lim p*=1
var(o;)—»00

2If you are interested to prove these two rules, you have to use the following inequality:

Aos) — H (o) > 20170
2supo;

where A (0;) and H (0;) are the arithmetic and harmonic means of {o1,...,0n}.
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104

—204

~304

—401

FIGURE 3.2: Relationship between p and inf 7

g) For the first set of parameters, p* is equal to 29.27% and the optimal
p

weights are:

p p- 0 p* 0.9 1

xy | 38.96% 53.92% 72.48% 149.07% 172.69%
x5 | 25.97% 23.97% 21.48% 11.20% 8.03%
x% | 19.48% 13.48%  6.04% —24.67% —34.14%
xy | 15.58%  8.63%  0.00% —35.61% —46.59%

For the second set
optimal weights are:

of parameters, p* is equal to 71.15% and the

p p- 0 p* 0.9 1

ot | 21.42% 22.89% 40.38%  82.16%  621.36%
x5 | 20.35% 20.65% 24.30%  33.00% = 145.26%
x5 | 19.38% 18.73% 11.02%  —7.40% —245.13%
ay | 18.50% 17.07%  0.00% —40.75% —566.75%
2% | 20.35% 20.65% 24.30%  33.00% 145.26%

For the third set of parameters, p* is equal to 1.77% and the optimal
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weights are:

P p- 0 p* 0.9 1

zt | 81.41% 98.56% 98.98% 104.07% 104.21%
3 | 8.14% 0.99% 081% -1.32% —1.37%
x5 | 4.07% 025% 0.15% —0.98% —1.01%
i | 2.71%  0.11%  0.04% —0.73% —0.75%
zr | 2.04% 0.06% 0.01% —0.57% —0.59%
zh | 1.63% 0.04% 0.00% —047% —0.48%

(a) We have:
Y =p88"02 +D

The Sherman-Morrison-Woodbury formula is (TR-RPB, page 167):

1

o 71471 TAfl
1+ovTA 1y u

—1
(A + uvT) =A"!
where u and v are two vectors and A is an invertible square matrix.
By setting A = D and u = v = 0,8, we obtain:
2

Om D_lﬂBTD_l

s lopt__ Im
1+028TD-1p

We note f3; = Bi/5? and Kk = BTB. We have 8 = D~ and:

E—l _ D—l _ O"I%’L BBT
1+ 02k

(b) The analytical expression of the minimum variance portfolio is:

¥
T 1Ty11

.’I;*

We have:

o? (z*) = o Szt

1721 11

1Ty-11717Tx-11
1

1Ty-11

We deduce that:

2
* 2/ % -1 a aRT
x—a(x)(D 1—71_'_?%1&66 1)
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(¢c) We have:
1 o2 BTI ~
* 2 * m
T, = 0 ($)<621+02Kﬂi>
- (-l
67 14o02k07
o (x¥) 1 Bi
= 3
with:
g = 1+ 02k
02,371

1407, 351 8/67
0 =1 5i/57

The optimal weight x} is positive if:

or equivalently:

If 8; = B; = B, we obtain:
L+op, 8250 1/57
2.8 Z;;l 1/ &?-
0B Z;’L:l 1/ 532'
> B
We deduce that the weights are positive for all the assets if the
betas are the same. If 6; = 6; = &, we have:

1+ U%L/&Q Z?:l /sz

g =

B*—pi = = — Bi
05 /52301 B
- (T e
2?21 3; \ o2, =~ J i) Pj
The weights are all positive if and only if:
7?2 =
= 2 Z (sup B; — B;) B;
m j=1

If & > oy, the previous inequality holds. Except in this case, the
inequality cannot be verified, i.e. the weights cannot be all positive.
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(e) We obtain the following results:

om | 5.00%  10.00%  15.00%  20.00% 25.00%
x| 49.41%  90.71% 125.69% 149.41%  164.78%
x5 | 10.26%  16.52%  21.83%  25.43% 27.76%
zy | 816%  10.37%  12.24%  13.50% 14.32%
zy | 24.24%  16.84%  10.57% 6.31% 3.56%
zr | 7.46% —3241% —66.18% —89.08% —103.93%
zy | 047% —2.03% —4.14% —557%  —6.50%

a7 1.29 1.07 1.03 1.01 1.01

3.4 Most diversified portfolio

1. (a) Let R(x) be the risk measure of the portfolio z. We note R; =
R (e;) the risk associated to the i*® asset. The diversification ratio
is the ratio between the weighted mean of the individual risks and
the portfolio risk (TR-RPB, page 168):

D TiRi
R (z)

If we assume that the risk measure satisfies the Euler allocation
principle, we have:

DR (x) =

doiq iR
DR (@) =57 e,
i=1 ?

(b) If R (x) satisfies the Euler allocation principle, we know that R; >
MR, (TR-RPB, page 78). We deduce that:

o Ry
DR() = S o
i=1 i/

> 1

Let x,,, be the portfolio that minimizes the risk measure. We have:

sup R;
R (Tmr)

DR (z) <

(c¢) If we consider the volatility risk measure, the minimum risk port-
folio is the minimum variance portfolio. We have (TR-RPB, page
164):

1

o lom) = 75t
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We deduce that:

DR (xz) <V1TE~11-supo;

The MDP is the portfolio which maximizes the diversification ratio
when the risk measure is the volatility (TR-RPB, page 168). We
have:

*

x* = argmaxDR (z)

we. 1Tx=1

If we consider that the risk premium m; = p; — r of the asset 7 is
proportional to its volatility o;, we obtain:

SR(z|r) = H(Ux()x)r

Do Ti (i — 1)
o (z)
D1 TiTi
o(z)
= s-DR(z)

S

where s is the coefficient of proportionality. Maximizing the diver-
sification ratio is equivalent to maximizing the Sharpe ratio. We
recall that the expression of the tangency portfolio is:

* = ! (M _ 7‘1)
1721 (p—1rl)

We deduce that the weights of the MDP are:

B > lg
1T 1

The volatility of the MDP is then:

oly-1 Y-1lo
(@) = \/lTElaleZIU
VoTE-1g

1710

x*

We have seen in Exercise 1.11 that another expression of the un-
constrained tangency portfolio is:

* 0253:*) ST (p—r1)

Y0
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We deduce that the MDP is also:

where & (2*) = 2*T 0. Nevertheless, this solution is endogenous.

(a) We have:
COov (R“ Rm) = 610'7%1

We deduce that:

cov (R;, Rin)
Piom = T
0;0m
Om
= i 3.1
B (31)
and:
6 = \Jor - a2,
= o0 1—p§7m (3.2)

and:

B oi0? (z* 1 BTo O‘m&%Bi
- a(zY)a} o' +omBTB O
_ o0? (x¥) 1 o

- o Jﬁ*) &’L2 Uml +Um6—r5pzm
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Using Equations (3.1) and (3.2), p* is defined as follows:

pr = 07711 +0mBTﬁ
Blo
_ Om 7 O'mﬂjO'j
- (e S
=1 7 =1 %
_ 1 jsm j,m
J=1 j,m J=1 jom
(¢) The optimal weight a7 is positive if:
1 2m s g
p
or equivalently:
Pi,m S P*
(d) We recall that:
o
Pim = Bi—
i
ﬁio—m

If 8; < 0, an increase of the idiosyncratic volatility o; increases
pi,m and decreases the ratio o,/ &iz. We deduce that the weight is a
decreasing function of the specific volatility &;. If 5; > 0, an increase
of the idiosyncratic volatility ¢; decreases p; ,, and decreases the
ratio o;/6%. We cannot conclude in this case.

(a) The MDP coincide with the MV portfolio when the volatility is the
same for all the assets.

(b) The formula cannot be used directly, because it depends on o (z*)
and DR (z*). However, we notice that:

o} Pi,m
o — (1%
7 6,12 p*

It suffices then to rescale these weights to obtain the solution. Using
the numerical values of the parameters, p* = 98.92% and we obtain
the following results:

z; €R
MDP MV
—27.94% 211.18%
43.69% —51.98%
43.86% —24.84%

xZ; Z 0
MDP MV
0.00% 100.00%

25.00% 0.00%
39.24% 0.00%

ﬁi Pi,m
3 0.80 99.23%

a5 | 0.90 96.35%
25 | 110 82.62%

o (z*) ' 2454%  13.42% ' 23.16%  16.12%
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(¢) The results are:

r; € R
MDP MV MDP MV
] —36.98% 60.76% , 0.00% 48.17%

| €T 2 0
|
:

x5 —36.98% 60.76% 1 0.00% 48.17%
|
|
|

x5 91.72% —18.54% ' 50.00%  0.00%
50.00%  3.66%

o(o*) | 4859% ~  6.43% ' 30.62% 957%

(d) These two examples show that the MDP may have a different be-
havior than the minimum variance portfolio. Contrary to the latter,
the most diversified portfolio is not necessarily a low-beta or a low-
volatility portfolio.

3.5 Risk allocation with yield curve factors

1. (a) Let v; be the i*! eigenvector. We have:
A’Ui = )\ﬂ)i

Generally, we assume that the eigenvector is normalized, that is

v v; = 1. In a matrix form, the previous relationship becomes:

AV =VA

with A = diag (A1,...,A\,) and V = ( v e Up ) We deduce
that:

A=VAV!
We have:

tr(4) = tr(VAV!
= tr(AV7'V)
tr (A)
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and3:

det (A)

det (VAV ™)
= det (V) -det (A) - det (V)
= det(A)

=1

We have Yv; = \;jv; or v;rZ = )\iv;'—. We deduce that:
viTEvj = )\iviij

and:
— )\ ). .
v; Yv; = )\]vj Vg = A\jU; V;

Moreover, we have:
v Yvj = (UiTZvj)T = v;Zvi
We finally obtain A\;v, v; = A\ju v; or:
i =) vfv; =0

Because A; # A;, we conclude that v;r v; meaning that eigenvectors
are orthogonal. We then have VTV = I and:

Y = vAv!
= VAVT

If C =C, (p), we know that Ay = ... = X, = A. It follows that:

and?:

We deduce that:
AM=1+(n-1)p

and:
ANi=1—p if i>1

3Because det (V) - det (V1) =det (I) = 1.
4See Exercise 3.2.
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It proves the result because p = p. We note 7 the percentage of
variance explained by the first eigenvalue. We have:

A1
tr (C)
M

1 =

We get my > 7, with:

m; takes the following values:

n/p| 10% 20% 50% 70% 90%
2 | 55.0% 60.0% 75.0% 85.0% 95.0%
3 |40.0% 46.7% 66.7% 80.0% 93.3%
5 | 28.0% 36.0% 60.0% 76.0% 92.0%
10 | 19.0% 28.0% 55.0% 73.0% 91.0%

We notice that 7, ~ p when n is large.

We obtain the following results:

Asset U1 Vg V3 Uy
1 0.2704 0.5900 0.3351 0.6830
2 0.4913 0.3556 0.3899 —0.6929
3 0.4736 0.2629 —0.8406 —0.0022
4 0.6791 —0.6756 0.1707 0.2309

Ai 0.0903  0.0416  0.0358  0.0156

Let us consider the following optimization problem:

* 1 T

T = argmax 5% Yx
we. zlz=1

The first-order condition is Yz — Az = 0 where A is the Lagrange
coefficient associated to the normalization constraint z'z = 1. It
corresponds precisely to the definition of the eigendecomposition.
We deduce that z* is the first eigenvector:

¥ =1

It means that the first eigenvector is the maximum variance port-
folio under the normalization constraint. In the same way, we can
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show that the last eigenvector is the minimum variance portfolio
under the normalization constraint:

1
Vp = argminixTEx

In the case of the correlation matrix, the eigendecomposition is:

Asset U1 (%) V3 V4

1 0.4742 0.6814 0.0839 —0.5512
2 0.6026 0.2007 —-0.2617 0.7267
3 0.4486 —0.3906 0.8035 0.0253
4 0.4591 —0.5855 —0.5281 —0.4092

A 1.9215 0.9467  0.7260 0.4059

We obtain m; = 48.04% and m; = 47.50% because p = 30%. We
notice that the lower bound is close to the true value.

Let us specify the risk model as follows (TR-RPB, page 38):
Rt = A./T"t + &

where R; is the vector of asset returns, J; is the vector of risk
factors and e; is the vector of idiosyncratic factors. We assume
that cov (R:) = X, cov(F;) = Q and cov(e;) = D. Moreover,
we suppose that the risk factors and the idiosyncratic factors are
independent. We know that (TR-RPB, page 38):

Y =AQ0AT + D

If we consider a principal component analysis, we have (TR-RPB,
page 216):
Y =VAVT

We could then consider that the risk factors correspond to the
eigenfactors and we have A =V, Q = A and D = 0. In the case
of two factors, the risk factors are the first two eigenfactors and we
have A = ( V] Vg ), Q = diag (M, \2) and D =X — AQAT. We
notice that:

4
R = ) vFju
j=1
2 4
= D Tt ) viFie
j=1 =3

2
= > viFjeter
j=1
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Another expression of D is then D = B®BT with B = ( V3 U4 )
and ® = diag (A3, \4). We also verify that cov (F,e;) = 0 by defi-
nition of the eigendecomposition. If we would like to impose that D
is diagonal, a simple way is to consider only the diagonal elements
of the matrix ¥ — AQAT. We have:

Fii = 047-Ry;+0.60- Ry, +045- Rs, +0.46 - Ry,
Fit = 0.68-Rys+020-Ryy —0.39-Rgy—0.59 Ry,

The first factor is a long-only portfolio. It represents the market
factor. The second factor is a long-short portfolio. It represents an
arbitrage factor between the first two assets and the last two assets.

2. (a) We consider that the risk factors are the zero-coupon rates. For
each maturity, we compute the sensitivity (TR-RPB, page 204):

0(T;) = =D (T;) - By (T3) - C (T3)

where Dy (T;), By (T;) and C (T;) are the duration, the price and the
coupon of the zero-coupon bond with maturity 7;. Using Equation
(4.2) of TR-RPB on page 204, we obtain the following results:

T, 5(T;) MR, RCi  RC;
1Y —-1.00 —-0.21% 0.21%  1.98%
3Y —-2.94 —-0.41% 1.20% 11.20%
5Y —4.77 —047%  2.25% 21.07%
Y —6.37 —0.48%  3.08% 28.75%
10Y —-8.36 —0.47% 3.96% 37.01%
| VaR, (z) | 10.70% |

If we prefer to consider the number n; of the zero-coupon bond
with maturity 7;, we have:

1Y 1.00 0.21% 0.21% 1.98%
3Y 1.00 1.20% 1.20% 11.20%
5Y 1.00 2.25% 2.25% 21.07%
7Y 1.00 3.08% 3.08% 28.75%
10Y 1.00 3.96% 3.96% 37.01%

Finally, if we measure the exposures in terms of relative weights,
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we obtain (TR-RPB, Equation (4.3), page 205):

1Y 21.28%  1.00% 0.21% 1.98%
3Y 20.99% 5.71% 1.20% 11.20%
5Y 20.39% 11.06%  2.25% 21.07%
7Y 19.46% 15.81%  3.08% 28.75%
10Y 17.88% 22.16%  3.96% 37.01%

VaR, (z) 10.70%
The eigendecomposition of ¥ is:
T; U1 U2 U3 Uy Us
1Y 0.2475 —0.7909 —0.5471 0.1181 0.0016
3Y 0.4427 —0.3469  0.5747 —0.5898 0.0739
5Y 0.5012 0.0209  0.3292 0.6215 —0.5038
Y 0.5040  0.2487 —0.0736  0.2583 0.7823
10Y 0.4874  0.4380 —0.5066 —0.4304 —0.3588
| X (x107F) ] 16.6446  1.5685  0.2421  0.0273  0.0045 |
m (in %) | 90.0340  8.4846 1.3095 0.1478 0.0241
wr (in %) | 90.0340 98.5186 99.8281 99.9759 100.0000

where 77 = E;‘:1 m; is the percentage of variance explained by the
top ¢ eigenvectors. The first three factors are the level, slope and
convexity factors. We have represented them in Figure 3.3. They
differ slightly from those reported in TR-RPB on page 197, because
the set of maturities is different. Note also that the convexity factor
is the opposite of the one obtained in TR-RPB because eigenvectors
are not signed.

Let VAV'T be the eigendecomposition of . We have A =V, Q = A
and D = 0. The risk contribution of the j** factor is then (TR-

RPB, page 142):

RC(F;) =@ ! (a)- (AT5)j . (\‘;‘%) ‘

We obtain the following risk decomposition:

PCA factor Yj MR; RC; RC
F1 —11.22 —0.94% 10.60% 99.03%
Fa -3.54 —0.03% 0.10% 0.93%
F3 1.99 0.00%  0.00% 0.05%
Fyu 0.61 0.00%  0.00% 0.00%
Fs 0.20 0.00%  0.00% 0.00%
- VaR,(z) | 10.70% ]

We notice that most of the risk is explained by the level factor
(about 99%).
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FIGURE 3.3: Representation of the first three PCA factors

(d) The ERC portfolio is the following:

1Y 14.08 0.26% 3.71% 20.00%
3Y 295 1.26% 3.71% 20.00%
5Y 1.66 2.24% 3.71% 20.00%
Y 1.25 2.96% 3.71% 20.00%
10Y 1.00 3.71% 3.71% 20.00%

| VaR, (z) | 1854% |

whereas its risk decomposition with respect to PCA factors is:

PCA factor Yj MR; RC; RC
Fi —19.36 —0.94% 18.21% 98.22%
Fa 8.28 0.04% 0.31% 1.69%
F3 4.90 0.00% 0.02% 0.09%
Fu 0.09 0.00%  0.00% 0.00%
Fs 0.07 0.00%  0.00% 0.00%
- VaR,(z) | 1854% ]

We notice that the ERC portfolio is more exposed to the slope
factor than the previous EW portfolio.
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(e) We suppose now that portfolio z is equal to the eigenvector v;. In
the following table, we have reported the normalized risk contribu-

tions RCj:
PCA factor U1 Vg V3 V4 U5
Fi 98.72% 81.43% 55.57% 22.62% 14.62%
Fa 1.24% 17.24% 28.41% 23.43% 17.07%
F3 0.04%  1.32% 15.72% 26.63% 15.44%
Fy 0.00% 0.01% 0.29% 27.16% 6.75%
Fs 0.00% 0.00% 0.00% 0.17% 46.13%

We notice that the risk contribution of the level factor decreases
when we consider higher orders of eigenvectors. For instance, the
risk contribution is equal to 14.62% if the portfolio is the fifth
eigenvector whereas it is equal to 98.72% if the portfolio is the first
eigenvector. We also observe that the risk contribution RC;‘- of the
4t factor is generally high when the portfolio corresponds to the
4t eigenvector.

3.6 Credit risk analysis of sovereign bond portfolios

1. We recall that the credit risk measure of a bond portfolio is (TR-RPB,

R(z)=Vz TSz

where ¥ = (%, ;) and %; ; is the credit covariance between the bond 4
and the bond j. We have:

page 227):

and:

_ . . ~C - C
Yij = Pijoi0;

O'; = DiO'isBi (t)

where D; is the duration of bond i.

(a) We obtain the following results:

Bond |2V MR, RC;, RC:
1 10  0.022 0.221 14.8%
2 12 0012 0.147 9.8%
3 8 0.066 0526 35.2%
4 7 0.086 0.602 40.2%
R(D)[ 1495 ]
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(b) We obtain the following results:

Bond | 2P MR, RC;, RC:
1 8 0023 0186 6.6%
2 8 0010 0084 3.0%
3 12 0.065 0.785 27.6%
4 14 0128 1.788 62.9%
R(P)[ 2843 |

(¢) The portfolio is now composed by two bonds per country, i.e. eight
bonds. The correlation matrix becomes:

1.00 0.65 0.67 0.64,1.00 0.65 0.67 0.64
0.65 1.00 0.70 0.67'0.65 1.00 0.70 0.67
0.67 0.70 1.00 0.83,0.67 0.70 1.00 0.83

|
|
|
|
|
P=171.00 065 0.67 0.64,1.00 065 0.67 0.64
|
|
|
|

We obtain the following results:

Bond | 2""Y MR, RC; RCr
1 (#1) 10 0021 0210 4.8%
2 (#1) 12 0012 0141 3.3%
3 (#1) 8 0065 0520 12.0%
4 (#1) 7 008 0.618 14.3%
1 (#2) 8 0024 0192 4.4%
2 (#2) 8 0011 0.08 2.0%
3 (#2) 12 0.066 0.793 18.3%
4 (#2) 14 0126 1769 40.9%
EICE ) 329

We notice that R (z(1+2)) ~ R (V) +R (2(?)). The diversification
effect is limited because the two portfolios z(!) and z(?) are highly

correlated:
P (x(l), 33(2)) — 99.01%

(d) The notional of the meta-bond for the country i is the sum of
notional of the two bonds, which belong to this country:
M) 4

7 7

xES) =z
Its duration is the weighted average:
(1) 2
:L’El) + 2 ey +x§2)

% %
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We obtain the following results:

Bond |2 D® MR, RC, RC:
1 18 6.600 0.022 0402 9.3%
2 20 7.260 0.011 0.227 5.2%
3 20 6.460 0.066 1.313 30.3%
4 21 7.467 0.114 2.387 55.1%
(R(E®)[ 4329 ]

Let us consider the results of the previous question. If we aggregate
the risk contributions by countries, we obtain:

Country xgH_Q) RC;  RC;
France 18 0402 9.3%
Germany | 20  0.227 5.2%
Ttaly 20 1313 30.3%
Spain 21 2.387 55.1%

We notice that we have exactly the same results. We can postulate
the hypothesis that computing the risk contributions based on the
portfolio in its entirety is equivalent to compute the risk contribu-
tions by considering one meta-bond by country.

The notional invested in each country is very close to 20 billions of
dollars. However, most of the credit risk in concentrated in Italian
and Spanish bonds. Indeed, these two countries represent about
85% of the credit risk of the portfolio.

The last two assets are perfectly correlated. It means that:
Pin = Pin+1

If 7 < n, we have:

n—1
Z;04
RCi (1‘) - o (l') Z TjpP;,j0; + TnPinOn + Tntl1Pin+10n+1
Jj=1
T:0 n—1
A%
= Z TjpP;,505 + Pin (xnan + xn+10n+1)
o) |

For the last two assets, we have:

n—1

TnOn
Z Tjpn,j0; + (TnOn + Tnt10n41)
Jj=1

RC, (x) = - ()
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and:
T o n—1
1 1
ch+1 (I‘) = % Z (Ejpn,jo’g + (:L'nO-n + $n+10n+1)
j=1
because pp, j = pn+1,j-
(b) We have:
y'UI n—1
RC; (y) = al(yl) > Ui 0%+ Ynbl 0,
j=1

(¢) By construction, we have:

o(z) = i RC; () + RCy () + RCpi1 ()
=1

_ Z RC; (4) + RCn (1)

= o(y)
For i < n, RC; (y) = RC; (x) implies then:
Yio; = ;04

yjp;7j0-§‘ =T;pi;0; (3.3)
ynp{i,no-;. = Pin ((Endn + xn+1o—n+1)

If the previous constraints are verified and if we assume that p ,, =
Pi.n, we deduce that the restriction RC,, (y) = RC,, () +RCp1 ()
is satisfied too:

S = RCp(x)+RCpi(x)

n—1
TnOn
= — E Tjpn,j0; + (Tnon + Tny10n41) | +
o(z) \“
Jj=1
z o n—1
n+19n+1
Z Zjpn,jo; + (xnan + $n+10'n+1>
o () ;
Jj=1
TpO Tpt10 i o
nOn n+10n+1 ’ / i,m /
= ( + > E YjPr,;0; T YnOp
o(x) o(x) = Pin
/ n—1
YnOy,

_ o ’
= St | o wrhsoi+ e,

Jj=1
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A solution of the system (3.3) is:

Yi = T4

/
g, =0

/ P ..
Pij = Pij

Z/nff% = ('rno'n + xn-‘rlan—i-l)
In fact, the asset universe and the portfolio are the same for i < n.
The only change concerns the n-th asset.

It suffices to choose an arbitrary value for o], and we have:

o TpOn + xn+10n+1
Yn = 7
On

It implies that there are infinite solutions. If we set y,, = x,, + T 41,
we obtain:

r Tn $n+1

o, = on + o
n n n+1
Tn + Tn+1 Tn + Tn+1

In this case, the volatility o, of the n-th asset is a weighted average
of the volatilities of the last two assets. If 0], = 0, +0p,41, we obtain:

On On41

Yn = Tn Tn+1
On +Un+1 On +Jn+1

The weight y,, of the n-th asset is a weighted average of the weights
of the last two assets. From a financial point of view, we prefer the
first solution y,, = x,, +x 11, because the exposures of the portfolio
y are coherent with the exposures of the portfolio x.

(e) We obtain the following results (expressed in %) for portfolio x:

Asset | x ~ MR; RC; RC

1 20.00 8.82 1.76 11.60
2 30.00 14.85 4.46 29.28
3 10.00 18.40 1.84 12.09
4 10.00 23.86 2.39 15.68
5

If we consider the first solution, we have:

Asset Yi O'g M'R,l RCz RC:
1 20.00 15.00 882 1.76 11.60
2 30.00 20.00 14.85 4.46 29.28
3 10.00 25.00 18.40 1.84 12.09
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For the second solution, we obtain:

Asset | y; o/ MR; RC; TRC
1 20.00 15.00 8.82 1.76 11.60
2 30.00 20.00 14.85 4.46 29.28
3 10.00 25.00 18.40 1.84 12.09

(f) The previous analysis shows that considering a meta-bond by coun-
try is equivalent to consider the complete universe of individual
bonds.

3. To find the RB portfolios y, we proceed in two steps. First, we calculate
the normalized portfolio § such that the weights are equal to 1. For that,
we optimize the objective function (TR-RPB, page 102):

Then, we deduce the portfolio ¥ in the following way:

(a) We obtain the following results:

Bond | ¢!/ MR, RC, RC
1 9.95 0.023 0.229 20.0%
2 | 17.62 0013 0229 20.0%

531 0.065 0.344 30.0%
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(b) We obtain the following results:

Bond | ¢ MR, RC; RC
1 10.15_0.026 0.268 20.0%
2 22.37 0.012 0.268 20.0%

3 6.11 0.066 0.401 30.0%

4 3.37 0.119 0.401 30.0%
RO 1338 |

(c) We obtain the following results:
Bond | 4'"? MR, RC; RC!
1(#1) | 995 0023 0229 92%
2 (#1) 17.62 0.013 0.229 9.2%
3 (#1) 531 0.065 0.344 13.8%
4(#1) | 412 0083 0344 13.8%
1(#2) | 1015 0.026 0268 10.8%
2 (#2) 22.37 0.012 0.268 10.8%
3 (#2) 6.11 0.066 0.401 16.2%
4(#2) | 337 0119 0401 16.2%
RN Y

If we aggregate the exposures by country, we have:

Country y§1+2) RC;  RCj
France | 20.10 0.497 20.0%
Germany | 39.99 0.497 20.0%
Italy 11.42 0.745 30.0%
Spain 7.49 0.745 30.0%

The optimization program becomes:

u.c.

In fact, we have specified four constraints on the risk contributions
(one by country), but we have eight unknown variables. It is obvious
that there are several solutions. The problem with the meta-bonds
is that their characteristics depend on the weights of the portfolio.
For instance, in Question 1(c), we have specified the duration of
the meta-bond i as follows:

iﬁgl)Dgl) + xEZ)Dl@)

DY =
xgl) + x§2)

(3.4)




Exzercises related to risk parity applications 129

If we assume that:

5" D" + 5 D
g+

D® = (3.5)

we see that we face an endogeneity problem because the duration
of the meta-bond depends on the solution of the RB optimiza-
tion problem. Nevertheless, the analysis conducted in Question 2(d)
helps us to propose a practical solution. The idea is to specify the
meta-bonds using Equation (3.4) and not Equation (3.5). It means
that we maintain the same proportion of individual bonds in the
portfolio y than previously. In this case, we obtain the following
results:

Country y](-4) MR; RC; RC;
France 20.51 0.025 0.502 20.0%
Germany | 39.93 0.013 0.502 20.0%
Ttaly 11.54 0.065 0.754 30.0%

To obtain the allocation in terms of bonds, we define the portfolio

y®) as follows:
y(s) _ w o y(4)
(1—w)oy™
where w is the vector such that:
20

W = ——t
xEl) +x§2)

This allocation principle is derived from the specification of the
meta-bonds. Finally, we obtain:

Bond | ¢ MR, Rc; RC:
T (#1) [11.39 0.023 0262 10.4%
2 (#1) | 23.96 0.013 0311 12.4%
3(#1) | 4.62 0065 0299 11.9%
4(#1) | 234 0083 0195 7.8%
1(#2) 9.11 0.026 0.240 9.6%
2 (#2) | 1597 0.012 0.191 7.6%
3(#2) | 6.93 0.066 0455 18.1%
4 (#2) | 468 0.119 0559 22.2%
RGO 2512 |

This solution is different from the previous merged portfolio. We
have then found at least two solutions. By the property of the Euler
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allocation, it implies that every combination of these two solutions
is also another solution. It means that there are infinite solutions
to this problem.

3.7 Risk contributions of long-short portfolios

1. (a) We have:

o(x) = \/xfaf + 2x1w3p01 09 + 1303

It follows that:

do(z) 1102 + T9p0109

ory o (x)

Finally, we get:

x%a% + T1X2p0102

RO="""70

and:

2 2
T505 + X1Topo109
o (x)

RCy =

(b) The inequality RC2 < 0 implies that:

2 2
T505 + X1T2p0102

o (@) =0

<~ 1’%0’% + T1x2p0109 <0
S T (xzag + x1p0102) <0

29 <0 and zo > —x1p0y /09
29 >0 and zo < —x1p01/09

We distinguish two cases. If x1p < 0, we get x2 € [0, —x1p01/02]. If
x1p > 0, the solution set becomes [—x1poy /o2, 0]. We notice that
if the risk contribution is negative for a negative (resp. positive)
value of x, it cannot be negative for a positive (resp. negative)
value of zo.

(¢) The relationship between x5 and RCs is reported in Figure 3.4.
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FIGURE 3.4: Risk contribution RCo

(a) We have:

Asset T MR, RC; RC;
1 100.00% 4.73%  4.73% 10.66%
2 —100.00% —3.94% 3.94% 8.88%
3 100.00%  12.50% 12.50% 28.17%
4 —100.00% —20.50% 20.50% 46.19%
5 100.00% 1.01% 1.01%  2.28%
6 —100.00% —1.69% 1.69% 3.81%

o) | 44.38% |

(b) The covariance matrix of the long-short assets is AXAT with:

1
A=10
0

-1 0 0 0 0
01 -1 0 0
0 0 0 1 -1

We deduce that the volatilities of the long-short assets are 20.62%,
38.67% and 10.95% whereas the correlation matrix is:

100.00%
C = —4.39% 100.00%
—2.21% 1.18% 100%
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Finally, the risk decomposition is:

(¢) The ERC portfolio is:

portfolio:

L/S asset Yi MR; RC; RC;
1 100.00% 8.67% 8.67% 19.54%
2 100.00% 33.01% 33.01% 74.37%
3 100.00%  2.70% 2.70%  6.09%
ey | 44.38% |
L/S asset Ys MR, RC; RC}
1 29.81% 11.51%  3.43% 33.33%
2 15.63% 21.95%  3.43% 33.33%
3 54.56%  6.29%  3.43% 33.33%
oy | 10.29% ]
If we don’t take into account the correlations, we obtain a similar
L/S asset Yi MR, RC; RC}
1 29.28% 11.90%  3.49% 33.33%
2 15.61% 22.32%  3.49% 33.33%
3 55.11%  6.32%  3.49% 33.33%
oy | 10.46% ]

(d) The risk allocation with respect to the six assets is:

Asset T MR, RC; RC;
1 29.81% 5.32% 1.59% 15.41%
2 —-29.81% —6.19% 1.84% 17.92%
3 15.63% 7.29%  1.14% 11.07%
4 —-15.63% —14.66% 2.29% 22.26%
5 54.56% 2.88% 1.57% 15.28%
6 —54.56% —-3.41% 1.86% 18.06%

o) | 10.29% ]

RClzc

We notice that we do not have RC; = RCa,
RC5 = RCg.
A first route is to perform an optimization by tacking into account
the weight constraints x1x2 < 0, x3z4 < 0, z526 < 0. Nevertheless,
if there is a solution x to this problem, the portfolio y = ax is also
a solution (TR-RPB, page 256). This is why we need to impose

RC3 = RC4 and

with ¢ a positive scalar. For example, if ¢ = 4%, we obtain the
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following portfolio:

133

Asset ZT; M Rz RCZ RC:
1 64.77% 5.91%  3.82% 17.09%
2 —64.77%  —5.66% 3.67% 16.39%
3 38.90% 9.48%  3.69% 16.47%
4 -30.42% —12.36% 3.76% 16.80%
5 115.20% 2.88%  3.32% 14.84%
6 —-123.68% —3.33%  4.12% 18.41%
o) | 22.38% |

We notice that this portfolio does not match the constraints. In
fact, this optimization problem is tricky from a numerical point of
view. A second route consists in using the following parametrization

y = Az with:

A =diag(1,-1,1,

~1,1,-1)

We have then transformed the assets and the new covariance matrix
is AYAT. We can then compute the ERC portfolio ¢ and deduce the
long-short portfolio # = A~!y. In this case, we obtain a long-short
portfolio that matches all the constraints:

Asset T MR; RC; RCY
1 14.29% 5.95% 0.85% 16.67%
2 —-15.03% —5.66% 0.85% 16.67%
3 8.94% 9.51% 0.85% 16.67%
4 —6.96% —12.23% 0.85% 16.67%
5 27.68% 3.0"% 0.85% 16.67%
6 —27.10% -3.14% 0.85% 16.67%
o) | 511% ]

Note that solution x is not unique and every portfolio of the form

y = ax is also a

solution.

3.8

Risk parity funds

(a) The RP portfolio is defined as follows:

E?:l 0;
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We obtain the following results:

Date | 1999 2002 2005 2007 2008 2010
S 23.89% 18.75% 38.35% 23.57% 18.07% 22.63%
B |5281% 52.71% 43.60% 55.45% 61.35% 55.02%
C ]23.29% 28.54% 18.05% 20.98% 20.58% 22.36%

o (z) | 4.83% 6.08% 6.26% 5.51% 11.64% 8.38%

In the ERC portfolio, the risk contributions are equal for all the
assets:

RC; =RC;
with: (
x; - (Xx),
RC; = ————=* 3.6
VaTXz (3.6)

We obtain the following results:

Date | 1999 2002 2005 2007 2008 2010
S 23.66% 18.18% 37.85% 23.28% 17.06% 20.33%

B |53.12% 58.64% 43.18% 59.93% 66.39% 59.61%

C | 23.22% 23.18% 18.97% 16.79% 16.54% 20.07%

o (r) | 4.82% 5.70% 6.32% 5.16% 10.77%  7.96%

We notice that o (Zerc) < 0 (zrp) except for the year 2005. This date
corresponds to positive correlations between assets. Moreover, the
correlation between stocks and bonds is the highest. Starting from
the RP portfolio, it is then possible to approach the ERC portfolio
by reducing the weights of stocks and bonds and increasing the
weight of commodities. At the end, we find an ERC portfolio that
has a slightly higher volatility.

(d) The volatility of the RP portfolio is:

o) = ———\/(c1) So!

where p is the average correlation between asset returns. For the
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marginal risk, we obtain:

(Eo_l) )

?

MR, = ——=—"—=
U($)Zj:1 ajl

1,010
Vnd+n-1p Zp] o

\/szw
oipi/n
I+(n-1)p

where p; is the average correlation of asset i with the other assets
(including itself). The expression of the risk contribution is then:

-1 _
RC, = i _cibwn
S0y /T+(n=1)p
piv/n

VIT -5y 0;

We deduce that the normalized risk contribution is:

z)y/14+(n—-1) Z] 105

#
1+(n—-1)p

(e) We obtain the following normalized risk contributions:

Date | 1999 2002 2005 2007 2008 2010
S |33.87% 34.96% 34.52% 32.56% 34.45% 36.64%
B |32.73% 20.34% 34.35% 24.88% 24.42% 26.70%
C | 33.40% 44.69% 31.14% 42.57% 41.13% 36.67%

We notice that the risk contributions are not exactly equal for all
the assets. Generally, the risk contribution of bonds is lower than
the risk contribution of equities, which is itself lower than the risk
contribution of commodities.
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2. (a) We obtain the following RB portfolios:

1999 2002 2005 2007 2008 2010
26.83% 22.14% 42.83% 27.20% 20.63% 25.92%
59.78% 66.10% 48.77% 66.15% 73.35% 67.03%
13.39% 11.76%  8.40%  6.65% 6.02%  7.05%

Date | b;
45%
45%

|
AOWnAOQOW®nAOWE®nAOwWwm
|

37.63% 51.48% 19.55% 47.18% 52.89% 37.76%
21.98% 19.20% 14.93% 13.45% 13.64% 15.98%
17.55% 16.02% 25.20% 18.78% 12.94% 13.87% |
69.67% 71.70% 66.18% 74.33% 80.81% 78.58%

12.78% 12.28%  8.62% 6.89% 6.24% 7.55%

48.99% 54.03% 39.38% 55.44% 61.18% 53.98%
29.33% 30.21% 26.15% 24.01% 24.22% 29.37%

(b) To compute the implied risk premium 7;, we use the following
formula (TR-RPB, page 274):

7~Ti = SR(J?|7“)MRZ
(Xz)
o (x)

4

SR (z|r)-

where SR (« | r) is the Sharpe ratio of the portfolio. We obtain the
following results:

Date | b; , 1999 2002 2005 2007 2008 2010

S 45% ' 3.19% 4.60% 2.49% 3.15%  8.64% 5.20%

B 45% : 1.43% 1.54% 2.19% 1.29% 2.43% 2.01%
(O |10% 11429 199% 28 286% _6.58% 424%

S 70% : 4.05% 6.45% 2.86% 4.31% 11.56% 6.32%

B 10% 1 0.62% 0.52% 1.37% 0.51% 1.04% 1.11%
C|20%1203% 281% 35%% 361%  S.1% 5.25%

S 20% 1 2.06% 2.68% 1.91% 1.93% 5.61% 3.91%

B | 70% | 1.82% 2.10% 2.54% 1.71% 3.14% 2.42%
(C_|10% 1 14%% L75% 279% 264% _5.8%% 360%
S 25% : 2.33% 3.78% 1.98% 2.714% 8.06% 5.13%

B 25% 1 1.03% 1.10% 1.74% 1.02% 1.92% 1.58%

C 50% ' 3.45% 3.95% 5.23% 4.69% 9.71% 5.82%

(c) We have:

We deduce that:
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x; is generally an increasing function of b;. As a consequence, the
relationship between the risk budgets b; and the risk premiums 7;
is not necessarily increasing. However, we notice that the bigger the
risk budget, the higher the risk premium. This is easily explained.
If an investor allocates more risk budget to one asset class than
another investor, he thinks that the risk premium of this asset
class is higher than the other investor. However, we must be careful.
This interpretation is valid if we compare two sets of risk budgets.
It is false if we compare the risk budgets among themselves. For
instance, if we consider the third parameter set, the risk budget
of bonds is 70% whereas the risk budget of stocks is 20%. It does
not mean that the risk premium of bonds is higher than the risk
premium of equities. In fact, we observe the contrary. If we would
like to compare risk budgets among themselves, the right measure
is the implied Sharpe ratio, which is equal to:

SR, = —
MR,

%

= SR(z|r)-

For instance, if we consider the most diversified portfolio, the
marginal risk is proportional to the volatility and we retrieve the
result that Sharpe ratios are equal if the MDP is optimal.

3.9 Frazzini-Pedersen model

1. (a) The Lagrange function of the optimization problem is:

L (l’, )\) = x;rEt [Pt+1 + Dt+1 — (]. + T) Pt} - %.’E;—EQL’J —

-
Aj (mj (2 Pr) = W)
where A; is the Lagrange multiplier associated with the constraint

m; (x;rPt) < W;. The solution z; then verifies the first-order con-
dition:

Oz L (.’17; )\) =E; [Pt+1 + Dy — (1 + 7“) Pt] — (f)jZl‘j - )\jijt =0

We deduce that:

1

= 52_1 (Et [Pry1 + Deya] — (L+ 7+ Ajmy) P)
j

Zj
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(b) At the equilibrium, we have:

1
T ZqT (Et [Pis1 4+ Div1] — (L+7+ Xjmy) Pr)
j=1
m 1 m
= Zd)i Et Pt+1 +Dt+1} Zd)—(l—l—r—l—)\jmj)Z_lPt
j=1 j=1 "
= (Z PR Do Et [Piy1+ Diy1] —
i%‘_l Zm: T 171 (1+7+Xmy) Py
j=1 j=1 (Zkzl d)k ) ¢j

Frazzini and Pedersen (2010) introduce the notations:
1

(Zier)

and:

)\mj

g Zk 1¢k ) b;
Z¢¢ I\jm;

We finally obtain:
1__
E:aE 1(Et [Pt+1+Dt+1}—(1+T+’l/J)Pt)

because:

m

_ ¢
Zk1¢k)j B Z¢'

Jj=1

(¢) The equilibrium prices are then given by:

E; [Pig1 + Deya] — 027
1+r+9¢

Pt:
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It follows that:

E¢ [Pit41 + Di1] — ¢ (27),
14+r+7

Py =

Following Frazzini and Pedersen (2010), the asset return R; ;41
satisfies the following equation:

E; [Pit41 + Die41)

E; |R; -1
¢ [Rit41] iy
= r+y+ ¢ (2z),
Py !
We know that:
(Xz); = cov(Pis1+ Diig1,ZT (P11 + Dig1))

= Pii-cov(Rit1, Rip1 (2) - (ZTR)

Let w; = (z;P;) / (ZTP;) be the weight of asset ¢ in the market
portfolio. It follows that:

m

E¢ [Rit1 (T)] = Z Wi (R 141]

r+4+¢(TTh)o? (z)

We deduce that:

Ei[Rigt1] = r+v¢+¢Bio” (z) (Z7F)
= 7+ +Bi (Bt [Rey1 (7)) — 7 =)
= 1+ (1= Bi)+Bi (Et [Reya (T)] — 1)
We finally obtain that:
Ei [Rit41] — 7 = a; + Bi (Ey [Regr (%)) — 1)

where o;; =9 (1 — f3;).

In the CAPM, the traditional relationship between the risk pre-
mium and the beta of asset 7 is:

E¢ [Riti1] — 1 = Bi (E¢ [Regr (T)] — 1)

If we compare this equation with the expression obtained by Frazz-
ini and Pedersen (2010), we notice the presence of a new term «;,
which is Jensen’s alpha. Moreover, «; is a decreasing function of

Bi.



140

(a)

Introduction to Risk Parity and Budgeting

The optimal value of ¢ is (TR-RPB, page 14):
¢=1"8""(u—r1)
The tangency portfolio is then:

1
== (p—-rl
5> )
The beta of asset 4 is defined as follows (TR-RPB, page 17):
e; X x*
o+ Na*

We can also compute the beta component of the risk premium:
m(e; | ) = B (u(z*) —7)

In our case, we obtain ¢ = 2.1473. The composition of the portfolio
is (47.50%,19.83%, 27.37%,5.30%). We deduce that the expected
return of the portfolio is p (z*) = 6.07%. Finally, we obtain the
following results:

B =

Asset xr T B: w(e;|z*)
1 47.50% 3.00% 0.737 3.00%
2 19.83% 4.00% 0.982 4.00%
3 27.37% 6.00% 1.473 6.00%
4 5.30% 4.00% 0.982 4.00%

We verify that:
T = Mg — 7T :W(ei ‘ 37*) :Bi(:u‘(m*) 77’)

We obtain the following portfolio weights®:

Asset T;1 T2 Z;

1 | 47.50% 15.82% 42.21%
2 19.83%  3.72% 15.70%
3 27.37% 27.09% 36.31%
4 530% 3.3™% 5.78%

The corresponding Lagrange coefficients are A\; = 0.9314% and
A1 = 1.7178%. The expected return p (Z) of the market portfolio is
6.30%. Finally, we obtain the following results:

Asset T o Bi w(e |Z) | a;+Bi(u(T)—r)
1 3.00% 0.32% 0.62 2.68% 3.00%
2 4.00% 0.07% 0.91 3.93% 4.00%
3 6.00% —0.41% 1.49 6.41% 6.00%
4 4.00% 0.07% 0.91 3.93% 4.00%

5For the second investor, the risky assets only represent 50% of his wealth.
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(¢) The second investor has a cash constraint and invests only 50% of
his wealth in risky assets. His portfolio is then highly exposed to the
third asset. This implies that the market portfolio is overweighted
in the third asset with respect to the tangency portfolio. This asset
has then a negative alpha. At the opposite, the first asset has a
positive alpha, because its beta is low and it is underweighted in
the market portfolio.

3.10 Dynamic risk budgeting portfolios

1. (a) The optimization problem is:

z* = argmaxz' (p—rl)— ngZ:r

we. 1Tz=1
The first-order condition is:
w—rl—o¢Xxr=0
We have:

x= %Z_l (b—rl)

Finally, we obtain:

with:

TS T (u—r1)

When the correlations are equal to zero, the optimal weights are
proportional to the risk premium m; = p; —r and inversely propor-
tional to the variance o7 of asset returns:
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(b) Let o (xz) = VT Xz be the volatility of the portfolio. We have:

B 0o (x)
RC;, = x;- RS
z; - (Bx),

o (x)
i (Z;’L:l %’Pi,jaz‘ffj)
o (x)
2?02 + x;0; (Zj# xjpiyjaj)
o ()

(c) When the correlations are equal to zero, we obtain:

2 2
i0i

The RB portfolio satisfies:

RC:  RC,
b b
or:
afo} _ wjo]
b; b;

We deduce that:

g,
The RB portfolio is the tangency portfolio when the risk budgets
are proportional to the square of the Sharpe ratios:

b o (uz )
e

The risk budgets at time ¢ are equal to the long-run risk budgets.
However, it does not mean that the allocation is static, because it
will depend on the covariance matrix. If a = f =v =6 = 2, we
get:
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These risk budgets correspond to those given by the tangency port-
folio when the correlations are equal to zero.

If the correlations are equal to zero, we have:

n) =T e b= 0
& bi(t) = b (c0) f;(g)

It implies that a = =0 and y =9 = —2.

The long-run tangency portfolio is xt (c0) = 38.96%, x5 (c0) =
25.97%, x% (00) = 19.48% and x5 (00) = 15.58%. The risk budgets
b; () are all equal to 25% meaning that the long-run tangency
portfolio is the ERC portfolio. The relationship between the pa-
rameters 6, the risk budgets b; (t) and the RB weights x; (¢) is
reported in Figure 3.5. The allocation at time ¢ differs from the
long-run allocation when the parameter 6 increases. § may then be
viewed as a parameter that controls the relative weight of the tacti-
cal asset allocation with respect to the strategic asset (or long-run)
allocation.
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FIGURE 3.5: Relationship between 6, b; (t) and z; (t)
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(a) The backtests are reported in Figure 3.6. We notice that the risk
budgets change from one period to another period in the case of
the dynamic risk parity strategy. However, the weights are not so
far from those obtained with the ERC strategy. We also observe
that the performance is better for the dynamic risk parity strategy
whereas it has the same volatility than the ERC strategy.
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FIGURE 3.6: Simulation of the dynamic risk parity strategy

(b) We have reported the evolution of equity weights in Figure 3.7.
We notice that the tangency portfolio produces a higher turnover.
Moreover, it is generally invested in only one asset class, either
stocks or bonds.

(¢) Results are given in Figure 3.8.

(d) We notice that the first simulation is based on the Sharpe ratio
whereas the second simulation considers the risk premium. Never-
theless, the risk premium of stocks is not homogeneous to the risk
premium of bonds. This is why it is better to use the Sharpe ratio.
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FIGURE 3.7: Comparison of the weights
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FIGURE 3.8: Simulation of the second dynamic risk parity strategy



